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a b s t r a c t

We investigate how personal characteristics affect people’s desire to collaborate and

whether this attraction enhances or detracts from performance in venture capital. We find

that venture capitalists who share the same ethnic, educational, or career background are

more likely to syndicate with each other. This homophily reduces the probability of invest-

ment success, and the detrimental effect is most prominent for early-stage investments. A

variety of tests show that the cost of affinity is most likely attributable to poor decision-

making by high-affinity syndicates after the investment is made. These results suggest that

“birds-of-a-feather-flock-together” effects in collaboration can be costly.

© 2016 Elsevier B.V. All rights reserved.
1. Introduction

People collaborate with others in a variety of settings.

Construction of the Panama Canal and group hunting of

mammoths are independent examples of mutually bene-
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ficial cooperation. Collaboration enables groups to achieve

what cannot be accomplished as a result of solely indi-

vidual effort. Joint work can also increase the efficiency of

individual production as in the celebrated example of the

multi-stage production of pins. The division of labor, which

such collaborations entail, drives economic progress and

greater productivity (Smith, 1776). In spite of the tremen-

dous importance of collaborations, we lack a complete

understanding of how people select their future working

partners and whether there are any economic implications

of different selection strategies.

In this paper, we explore two related questions on col-

laboration using venture capital as the laboratory. First, we

ask what personal characteristics influence individuals’ de-

sires to work together in venture capital syndication. Sec-

ond, given the influence of these personal characteristics,

we ask whether this attraction enhances or detracts from

investment performance. There are four sets of character-

istics that we explore in our analysis: educational and pro-

fessional background, ethnicity, and gender. Some of the
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1 Prior research indicates that the return to venture investing is primar-

ily driven by the small fraction of investments that goes public (Venture

Economics, 1988). Similarly, Gompers (1996) demonstrates that venture

capital firms are able to more easily raise new funds after exiting a port-

folio company via an IPO.
characteristics are related to ability (e.g., whether a per-

son has a degree from a top university) and have a clear

connection with the success of an individual in the ven-

ture capital industry. For other characteristics (e.g., being

part of a particular ethnic minority group) it is harder—

if not impossible—to establish an obvious link with ven-

ture capitalists’ ability and hence investment performance;

these are affinity-related characteristics. We find that in-

dividual venture capitalists have a strong tendency to col-

laborate with other venture capitalists because of affinity.

We then show how the similarities between members of

a group affect its performance. Surprisingly, collaborating

for affinity-based characteristics—shown to be unrelated to

venture capitalists’ abilities—dramatically reduces invest-

ment returns.

The tendency of individuals to associate, interact, and

bond with others who possess similar characteristics

and backgrounds has long been viewed as the organiz-

ing basis of networks (e.g., McPherson, Smith-Lovin, and

Cook, 2001). The principle of homophily shapes group for-

mation and social connection in a wide variety of settings,

such as school, work, marriage, and friendship, in which

similarity between dyad or group members is observed

across a broad range of characteristics including ethnic-

ity, age, gender, class, education, social status, organiza-

tional role, etc. For example, positive assortative mating

along observable inheritable traits (e.g., intelligence, race,

and height) discussed by Becker (1973) in the context of a

marriage market can be viewed as the micro foundation of

homophily in which choosing a partner with similar char-

acteristics increases the certainty about the quality of one’s

offspring. Currarini, Jackson, and Pin (2009) provide theo-

retical foundations for the pattern of homophily in social

networks using a search-based model of friendship forma-

tion and conclude that biases toward same-types in both

individual preferences and the matching processes affect

pairing outcomes.

Despite growing evidence that people do indeed tend

to partner with similar individuals, the success implica-

tions of this bias remain unclear. One conjecture is that the

more characteristics a pair of individuals have in common,

the better performance the dyad is likely to demonstrate.

This better performance may result from easier commu-

nication, the ability to better convey tacit information, or

the ability to make joint decisions in a timely and produc-

tive manner (e.g., Ingram and Roberts, 2000; McPherson,

Smith-Lovin, and Cook, 2001; Cohen, Frazzini, and Malloy,

2008; Gompers and Xuan, 2010).

On the other hand, however, homophily may induce

social conformity and groupthink that may lead to ineffi-

cient decision-making (e.g., Asch, 1951; Janis, 1982; Ishii

and Xuan, 2014). Individuals in homophilic relationships

often have an enhanced desire for unanimity and ignore,

or insufficiently consider, the disadvantages of the favored

decision as well as the advice from experts outside the

group. Furthermore, individuals may lower the expected

return hurdle and due diligence standards on a project

(consciously or unconsciously) for the opportunity to work

with similar others because they derive personal util-

ity from the collaboration. Consequently, under an alter-

native hypothesis, collaborations based on characteristics
Please cite this article as: P.A. Gompers et al., The cost
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unrelated to ability might suffer from a “cost of friendship”

and induce a negative relationship between affinity-based

similarities and performance.

We test these hypotheses in the venture capital syndi-

cation setting, analyzing individual venture capitalists’ se-

lection of co-investment partners in syndicated deals as

well as the associated performance implications. Venture

capital syndication is an important and common mecha-

nism for venture capital investors to diversify their port-

folios, accumulate and share resources and expertise, and

reduce asymmetric information concerning portfolio com-

panies (e.g., Lerner, 1994). Although extant studies on syn-

dication largely focus on the characteristics of the part-

nership at the venture capital firm level (e.g., firm reputa-

tion and investment scope), investment in venture capital

is typically individual-led. The individual venture capitalist

pursuing and initiating an investment in a portfolio com-

pany (the founding investor) normally identifies other in-

dividuals at different venture capital firms with whom he

or she may wish to collaborate on this particular deal. In

other words, consistent with the idea of venture capital-

ists competing with each other for investment opportuni-

ties (Gompers and Lerner, 2000), it is natural to think of a

follow-on investor as being chosen by the founding investor

from a pool of potential co-investors. Both the founding

and follow-on investors usually serve on the board of di-

rectors of the portfolio company, representing the inter-

ests of their respective venture capital firms and seeking

to maximize the return on their investment. Depending on

the performance of the portfolio companies and the mar-

ket conditions, venture capitalists may use a variety of exit

strategies, ranging from initial public offerings (IPO) to the

sale of shares back to the entrepreneur or strategic in-

vestors. Although there are examples of successful exits

by venture capitalists by means of mergers and acquisi-

tions, the consensus in the industry and academia is that

an exit via IPO is the best indicator of investment success,

in which venture capitalists achieve not only the highest

returns, but also wide recognition for their abilities.1 The

individual-led nature of the venture capital investing and

syndication process, the availability of rich biographic in-

formation on individual venture capitalists, the existence

of frequent collaborations between these individuals aim-

ing for a common goal, the importance of their actions

and decisions for the investment’s success, and a clear-cut

measure of success make venture capital syndication an

ideal platform to study the factors that influence individu-

als’ choices to work together and the accompanying value

implications.

Using a novel data set of 3,510 individual venture capi-

talists investing into 12,577 portfolio companies from 1973

to 2003, we first examine the selection of co-investment

partners on syndicated deals. In particular, we are inter-

ested in determining a set of pairwise personal characteris-

tics based on which people are attracted to work with each
of friendship, Journal of Financial Economics (2016),
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other. For each venture capitalist, we hand-collect detailed

biographic information including gender, ethnicity, educa-

tional background, and employment history. To assess how

these various personal characteristics affect the likelihood

of collaborations between individual venture capitalists, for

each pair of actual venture capitalist partners in syndica-

tion, we construct a plausible set of counterfactual pairs

each consisting of the actual founding partner and a po-

tential follow-on partner that was available for syndication,

but who was not selected by the founding venture capital-

ist that originated the deal. We find that individual venture

capitalists are more likely to collaborate with others who

possess similar characteristics and backgrounds. For exam-

ple, two venture capitalists that both hold degrees from

top universities are 16.3% more likely to co-invest together

than individuals who are not both graduates of top aca-

demic institutions. An even stronger effect is documented

with respect to non-ability-related, affinity-based charac-

teristics. A pair of venture capitalists who graduated from

the same university are 34.4% more likely to partner on

a deal, and even more strikingly, the probability of col-

laboration between two individual venture capitalists in-

creases by 39.2% if they are part of the same ethnic mi-

nority group. Partnership is also more likely to happen if

the two venture capitalists worked at the same company

earlier in their careers. These results on syndication deci-

sion represent strong evidence of homophilic selection in

collaboration.

We then examine how these similarities between mem-

bers of a venture capitalist dyad affect its performance

by assessing the outcomes of the portfolio companies

in which the pair has co-invested. Similarities between

venture capitalists based on affinity-related characteristics

worsen the performance of their common investments.

Specifically, the probability of a successful exit outcome

decreases by 17% if two venture capitalists who previously

worked at the same company choose to partner. The like-

lihood of success drops by 19% if co-investors attended the

same undergraduate school. The negative effect of affinity

is even stronger when it relates to ethnicity. Collaboration

with someone from the same ethnic minority group comes

at the expense of a 20% reduction in performance.

We further explore the impact of similarities between

collaborators on performance using aggregate similarity

scores. We construct the affinity score of a pair of venture

capitalists as the average of pairwise affinity characteris-

tics (measures indicating whether members of the pair are

of the same gender, in the same minority ethnic group, at-

tended the same school, or previously worked for the same

employer). Upon examining the relationship between the

aggregate similarity score and investment performance, we

again find that the more alike the partnering venture cap-

italists are in affinity-related characteristics, the less likely

their investment outcome is ultimately successful. We also

find that the affinity score of a pair of venture capitalists

is significantly and positively related to the total number

of syndicated deals on which the pair collaborates over

their investment careers. Therefore, affinity-based similar-

ity not only determines people’s attractions to work to-

gether for the first time, but also increases their frequency

of repeated collaborations.
Please cite this article as: P.A. Gompers et al., The cost
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To illustrate the effects of affinity-based similarities on

the syndication decision and investment performance, con-

sider as an example from our data the co-investment pat-

tern of Mr. A through the lens of his background. Mr.

A lived in Israel before moving to the U.S. for school,

and graduated from Massachusetts Institute of Technology

(MIT). He was actively involved in the Jewish communi-

ties in the U.S. During his career as a venture capitalist at

venture capital firm Z, Mr. A co-invested on 14 deals from

1984 to 2001. An MIT graduate, Mr. A co-invested on 11

deals with at least one other venture capitalist having a

degree from a top school. Out of these 11 deals, two deals

also have syndication teams characterized by the Jewish

ethnicity commonality. In the remaining three of the 14

co-investments, Mr. A’s syndication partners are character-

ized by similar ethnic background only: they are all Jewish.

Mr. A is a very successful venture capitalist: four of the

14 deals resulted in a portfolio company going public and

are classified as successful in our analysis; all of these four

deals are syndications with top school degree holders who

he had no mutual affinity based on ethnic, educational, or

career background.

The 14 deals are represented in a two-by-two matrix

in Table 1; deals are assigned to a particular cell depend-

ing on whether the syndication was with a top school

graduate or whether the syndication was based on affin-

ity. Consistent with the homophily bias of founders select-

ing a working partner possessing similar characteristics,

Mr. A had no joint investments with venture capitalists

that he is unlikely to associate himself with either based

on affinity or a high-ranking academic institution. More-

over, all successful deals feature a venture capital team

with other top school degree holders. There is not a single

successful deal among affinity-based co-investments. The

unconditional success ratio of Mr. A is 28.6% (4/14). Con-

ditional on the co-investment with a top school graduate

free of mutual affinity, his success ratio increases to 44.4%

(4/9), whereas conditional on affinity-based syndications,

the success ratio drops to 0% (0/5). This illustrates the neg-

ative effect of affinity-based similarities within a syndica-

tion dyad on its performance.

An interesting question stemming from the perfor-

mance results is whether the underperformance of invest-

ments undertaken by venture capitalists with a high level

of affinity between them is primarily attributed to high-

affinity venture capitalists selecting into investing in low-

quality deals to begin with, or to poor decision-making

by such venture capitalists post-investment. We conduct

a series of additional tests to address this question. First,

we show that ex ante deal characteristics that significantly

predict deal success are not significantly correlated with

the affinity between syndicating partners, and use these ex

ante deal characteristics to control for the underlying in-

vestment quality. In addition, we instrument for the affin-

ity between two partnering venture capitalists using lo-

cal affinity, which captures the degree to which an indi-

vidual founding venture capitalist is similar to the com-

munity of venture capitalists who are based in her same

location and who invest in similar industries. Local affin-

ity proxies for the local pool of potential collaborators

faced by an individual founding venture capitalist and is
of friendship, Journal of Financial Economics (2016),
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Table 1

Illustrative example

This table presents co-investments of a Jewish venture capitalist in our sample, Mr. A, an MIT graduate, into four categories depend-

ing on the characteristics of his syndication partners. Partnerships are affinity-based if investors share Jewish background.

Co-investment with top school degree holders
No Yes

A
ff

in
it

y
-b

a
se

d
 c

o
-i

n
v

e
st

m
e

n
t

Yes

Number of deals: 3

Number of IPOs: 0

Success rate: 0.0%

Number of deals: 2

Number of IPOs: 0

Success rate: 0.0%

No

Number of deals: 0

Number of IPOs: 0

Success rate: N/A

Number of deals: 9

Number of IPOs: 4

Success rate: 44.4%
significantly related to the affinity between the founding

venture capitalist and her actual syndicating partner, but

it is unlikely to directly drive deal success, especially after

controlling for firm locations in the performance analysis.

We find that the negative effect of affinity on investment

performance remains economically and statistically signif-

icant even after controlling for deal quality and using the

instrumental variable approach to address the potential se-

lection issue.

Finally, to further alleviate the selection concerns and

to better understand the mechanisms through which affin-

ity affects investment performance, we investigate how the

effect of affinity on deal success varies by the stage of

investment. We find that while affinity also significantly

and negatively influences deal success for deals in the later

stage of the investment cycle, the negative effect of affinity

is significantly stronger for investments in portfolio com-

panies that are in the earliest stage of the startup pro-

cess. Since early-stage startups typically involve more key

decisions and milestones in their growth process, they re-

quire more input and oversight from the venture capital-

ists that invest in them, and their success depends more

keenly on the value-add provided by the venture capital-

ists post-investment. Therefore, poor decision-making in-

duced by high affinity can have a more pronounced ef-

fect on the performance of early-stage investments. The

differential effect of affinity in early-stage investments ver-

sus later-stage investments is consistent with the hypoth-

esis of high-affinity syndicating venture capitalists making

poor decisions after the investment is made. Such a test

of interaction term effects is also less subject to selection

and third-factor concerns since any omitted factor is less

likely to correlate with the interaction terms than with the

linear term (Angrist and Pischke, 2009). Overall, although

it is impossible to completely rule out the selection story

of high-affinity venture capitalist syndicates choosing low-

quality investments at the time of financing, our analysis

indicates that selection seems unlikely to be the primary
Please cite this article as: P.A. Gompers et al., The cost
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factor that accounts for the performance patterns docu-

mented in our paper.

Taken together, our results show that venture capital-

ists who share the same affinity-based characteristics are

more likely to syndicate with each other and that this ho-

mophily has a detrimental effect on the probability of in-

vestment success, most likely due to poor decision-making

by high-affinity syndicates after the investment is made.

The findings of this paper relate to several strands of lit-

erature. First, we contribute to the growing evidence that

preferences for homophily strongly affect the composi-

tion and performance of working groups in the financial

markets (e.g., Cohen, Frazzini, and Malloy, 2008; Ishii and

Xuan, 2014). In the venture capital context, Kaplan, Kle-

banov, and Sorensen (2012) examine how personal char-

acteristics matter for performance for companies involved

in venture capital transactions. Several contemporaneous

studies examine shared backgrounds between partners at

venture capital firms and startup founders and focus on a

single dimension of linkage such as education background

(e.g., Bengtsson and Hsu, 2010; Hegde and Tumlinson,

2014). Our paper employs a comprehensive set of personal

characteristics, including education, employment, ethnicity,

and gender, and focuses on the syndication decision be-

tween partners of different venture capital firms.Our pa-

per is also related to the venture capital literature examin-

ing networks and connections as well as syndication de-

cisions (e.g., Lerner, 1994; Hochberg, Ljungqvist, and Lu,

2007; Hochberg, Lindsey and Westerfield, 2013; Gompers

and Xuan, 2010; Tian, 2012). These studies typically focus

on the characteristics of venture capital investors at the

firm level. For example, the extent to which a syndicate

is homogeneous is generally measured using venture capi-

tal firm characteristics such as firm reputation. The breadth

of our data allows us to dive a level deeper into the ven-

ture capital syndicates beyond the firm-level connections

and to identify partners directly involved in each particular

deal, thus arming us with a relevant and precise measure
of friendship, Journal of Financial Economics (2016),

http://dx.doi.org/10.1016/j.jfineco.2016.01.013


P.A. Gompers et al. / Journal of Financial Economics 000 (2016) 1–19 5

ARTICLE IN PRESS
JID: FINEC [m3Gdc;February 3, 2016;11:26]

universities (Cambridge University, INSEAD, London Business School, Lon-

don School of Economics, and Oxford University) to the list of top schools.
3 Despite our best effort, we cannot determine the gender of 26 venture

capitalists in our sample.
4 We take into account the information on the country/geographic re-

gion of a venture capitalist’s undergraduate academic institution to deter-

mine ethnicity when the name-matching algorithm fails to do so.
5 Although some exits via acquisitions are successful, others are clearly

not, such as companies sold to another firm under distress or at a sub-

stantial loss (Kaplan, Klebanov, and Sorensen, 2012). For example, in our

data, the ambiguity of an acquisition as an indicator of success is evi-

denced by the 40% of investments that exited via acquisition. As a check,

we gather exit values for as many acquisitions as we could using a variety
of syndicate-specific homogeneity on an individual level.

Focusing on the individual decision-makers, which is rel-

atively unexplored in the venture capital networks litera-

ture, increases our ability to understand the determinants

of the collaboration choice and make inferences about the

relationship between team composition and success be-

yond the traditional factors and existing insights at the

firm level.

Our paper also speaks to the mechanism of venture

capital performance (e.g., Kaplan and Schoar, 2005; Harris,

Jenkinson, and Kaplan, 2014). Kaplan, Sensoy, and Ström-

berg (2009) examine whether the people or the business

model of a startup is more important for the success of

venture capital-backed companies. By providing evidence

that venture capital partners can affect investment success

post-investment, our paper adds to this literature on the

venture capitalists’ ability to add value beyond investment

target selection (e.g., Brander, Amit, and Antweiler, 2002;

Tian, 2012).

The remainder of the paper is organized as follows.

Section 2 presents the data and the construction of vari-

ables used in the analysis. Empirical results are presented

in Section 3. Section 4 investigates whether the cost of

affinity on investment performance is attributed to selec-

tion or treatment effects. Section 5 concludes.

2. Data and variables

2.1. Data construction

The data used in this paper are derived from several

different sources. We start with VentureSource, a database

that contains detailed information on venture capital in-

vestments. For each portfolio company, VentureSource re-

ports the identities of the venture capital firms and indi-

vidual venture capitalists that invested in the company as

well as the date of each investment.

For each individual venture capitalist in the data, we

hand-collect through web searches, company filings, and

news articles a broad range of biographic information in-

cluding past career track, education history, and gender.

For prior job histories, we record companies at which

an individual had worked in the past. The education ar-

ray includes data on the academic institutions at which

individuals obtained their academic degrees as well as

the types of degrees: undergraduate, postgraduate non-

business (Ph.D., M.S., J.D., and M.D.), or postgraduate busi-

ness (MBA). To determine whether an individual holds

a degree from a top academic institution, we classify as

top universities the Ivy League schools (Brown University,

Columbia University, Cornell University, Dartmouth Col-

lege, Harvard University, Princeton University, University of

Pennsylvania, and Yale University) as well as other top U.S.

schools (Amherst College, California Institute of Technol-

ogy, Duke University, MIT, Northwestern University, Stan-

ford University, University of California, Berkeley, Univer-

sity of Chicago, and Williams College).2
2 The results presented in the paper are robust to classifying only the

Ivy League universities as top schools as well as to adding top European

Please cite this article as: P.A. Gompers et al., The cost
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Venture capitalists’ genders are determined based on

their first names. In the cases of unisex names, we de-

termine gender by reading news articles and web pages

mentioning or containing pictures of the individual venture

capitalists.3 As for ethnic background, we use the name-

matching algorithm developed by Kerr and Lincoln (2010)

to determine the most likely ethnicities of venture capital-

ists based on their last names. Individual venture capital-

ists are classified into five non-overlapping ethnic groups:

East Asians, Indian, Jewish, Middle Eastern, and all others.

Although the limitation of the name-matching algorithm

does not allow us to identify all possible ethnicities such as

African American, the groups that the algorithm has been

shown to successfully identify capture the most active eth-

nic minority groups in the venture capital industry, and all

have a strong sense of cultural identity.4

We determine the investment outcome using Ven-

tureSource and Thomson Financial’s Securities Data Com-

pany (SDC) database, supplemented by Thomson Finan-

cial’s VentureXpert database. Although there are examples

of successful investments which did not result in IPOs,

public floatation of a portfolio company is the cleanest sig-

nal of the venture’s success (Gompers, Kovner, Lerner, and

Scharfstein, 2010). We therefore consider an investment to

be successful if and only if it results in the IPO of the port-

folio company.5 Finally, we use the Pratt’s Guide to Private

Equity and Venture Capital Sources to manually code the lo-

cations of venture capital firm offices at the Metropolitan

Statistical Area (MSA) level and at the Combined Statistical

Area (CSA) level where an MSA is not available.

2.2. Individual and pairwise personal characteristics

The data are used to construct two sets of variables: in-

dividual and pairwise. Individual variables include personal

characteristics of a venture capitalist that are fixed over

time such as education, ethnicity, and gender dummy vari-

ables. The education dummy variables Top college, Top busi-

ness school, Top graduate school, and Top school equal one

if a venture capitalist holds, respectively, an undergradu-

ate, business, graduate, or any degree from a top univer-

sity and zero otherwise. Ethnic minority takes the value of

one if a venture capitalist is East Asian, Indian, Jewish, or

Middle Eastern. Dummy variables East Asian, Indian, Jewish,
of databases and news searches. All the results in the paper are robust to

defining successful investments as including IPOs and successful acquisi-

tions, defined as acquisitions with a transaction value exceeding the total

amount invested or exceeding a threshold of $25 million (or alternatively,

$50 million or $100 million).

of friendship, Journal of Financial Economics (2016),
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Table 2

Summary of personal characteristics

This table summarizes the distribution of venture capitalists’ personal characteristics. A venture capital-

ist is counted in Top college, Top business school, Top grad school, or Top school if she holds, respectively,

an undergraduate, business, graduate, or any degree from a top university. There are individuals who hold

more than several different degrees from top schools. That is why Top college, Top business school, and

Top school numbers do not add up to Top school. Ethnicity is uniquely determined. Gender information is

missing for 26 venture capitalists in the data set.

Personal characteristic Number of venture capitalists Fraction of venture capitalists

Top college 1,089 31.0%

Top business school 1,308 37.3%

Top grad school 466 13.3%

Top school 1,867 53.2%

Indian 83 2.4%

East Asian 113 3.2%

Middle Eastern 15 0.4%

Jewish 640 18.2%

Ethnic minority 851 24.2%

Male 3,265 93.0%

Female 219 6.2%

Total number of venture capitalists 3,510 100.0%
and Middle Eastern pin down a venture capitalist’s ethnic-

ity; the dummy variable Female identifies an individual’s

gender.

Also included in the personal characteristics of a ven-

ture capitalist is a metric that changes with each additional

deal completed and measures her success up to the current

deal. The variable Performance measures the venture capi-

talist’s success ratio up to the current deal, defined as the

total number of successful investments made before the

current investment divided by the sum of the total num-

ber of investments.6

We then construct pairs of individual venture capital in-

vestors that co-invested on syndicated deals. For each deal,

we use the investment dates—as well as the lead investor

status and the amount invested when available—to distin-

guish between founding venture capitalists and follow-on

investors.7 Consistent with the idea that founding investors

initiate and lead the deal and make decisions to bring

follow-on investors on board, we focus on pairs of venture

capitalists in which at least one member of the dyad is a

founding investor. We focus on the first co-investment be-

tween two individual venture capitalists since the decision

to collaborate for the first time is not colored by confound-

ing factors such as experience of past collaborations and
6 For the first deal of a venture capitalist—when there is no investment

track record by construction—the Performance variable is set equal to zero.

Our results are robust to dropping such observations from specifications

that rely on Performance as an explanatory variable.
7 Specifically, investment dates, lead investor status, and the amount

invested are used successively to pin down founding investors. The in-

vestor who invested in the deal first is defined as the founding investor.

If multiple people invested at the same time, we look at the lead investor

status and define the lead investor with the earliest investment date as

the founding investor. If the investment date and the lead investor status

combined still do not uniquely determine the founding investor, we look

at the amount invested by defining the investor with the largest amount

invested as the founding investor.
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allows us to better isolate the impact of personal charac-

teristics’ similarities in driving partnership decisions.8

For each pair of individual venture capital investors

in the sample, two groups of pairwise variables are con-

structed based on the individual variables. The first group

uses the qualifiers At least one and Both. Values of such

dummy variables depend on the number of venture capi-

talists in a dyad that possess a given characteristic. For ex-

ample, Top school: Both takes the value of one if both ven-

ture capitalists in a pair hold degrees from top universities

and zero otherwise; Jewish: At least one equals one if there

is either one or two Jewish venture capitalists in a dyad

and zero otherwise.

A separate group of pairwise variables is constructed

using the qualifier Same. Same school equals one if the pair

of venture capitalists attended the same academic institu-

tion and zero otherwise. Same college, Same business school,

and Same grad school are defined in a similar way but im-

pose a requirement on obtaining degrees of the same type.

Same ethnic minority equals one if both venture capitalists

in a dyad are part of the same ethnic minority group and

zero otherwise. Same previous employer is a dummy vari-

able equal to one if two venture capitalists worked at the

same company earlier in their careers and zero otherwise.

Our sample consists of 3,510 venture capitalists that in-

vested into 12,577 different portfolio companies from 1973

to 2003. The distribution of their personal characteristics

is summarized in Table 2. The pairwise data set contains

15,979 collaborations between pairs of venture capitalists—

containing at least one founding investor—partnering for

the first time.
8 Our results are robust to including all pairs (first-time and repeated

syndications) in the sample. First-time syndication pairs constitute about

93% of all pairs; the remaining 7% are repeated collaboration pairs. We

analyze these repeated collaborations in Section 3.4.
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2.3. Counterfactual syndication pairs

In order to understand which factors lead to the estab-

lishment of collaborations between people, we construct a

plausible set of potential partners that were available for

syndication at the time when a founding venture capital-

ist partnered with a different co-investor. This set of coun-

terfactual partners allows us to construct counterfactual

pairs, essentially, a control group, which, when contrasted

with the set of actual pairs, enables us to assess the sig-

nificance of various personal characteristics in determining

the likelihood of collaborations between people. Central

to the construction of the set of counterfactual partners

and pairs, therefore, are the assumptions on what makes

a partner “available for syndication at the time of co-

investment but not selected by the founding investor,” i.e.,

counterfactual.

For each actual pair of venture capitalists syndicat-

ing on a deal, we generate all possible counterfactual, or

pseudo, pairs by letting the founding venture capitalist

“choose” a counterfactual partner that satisfies the follow-

ing three criteria. First, the counterfactual partner and the

founding investor must be from different venture capital

firms. Second, the counterfactual partner must have in-

vested in the same industry within 30 days of the ac-

tual co-investment between the founding venture capitalist

and the actual follow-on partner. Third, the counterfactual

partner must not have ever co-invested with the founding

venture capitalist. The overall universe of counterfactual

syndication pairs thus generated has 1,353,039 pairs. For

each actual syndication pair, there are on average roughly

85 counterfactual pairs matched, representing the avail-

able collaborators that the actual founding partner could

have chosen at the time when the syndication decision

is made. Our results are robust to alternative methodolo-

gies for constructing the counterfactual syndication pairs,

including, for example, further requiring the counterfac-

tual partner to come from the same firm as the actual

follow-on partner, varying the window length around the

actual investment date to 60 days or 90 days, requiring a

fixed number of randomly chosen matched pseudo pairs

for each actual pair in the sample of counterfactual pairs,

or restricting the estimation sample to a random sample

of 50,000 pairs stratified by year and industry. The results

being qualitatively and quantitatively similar under differ-

ent methodologies indicate that personal characteristics of

a pair of individual venture capitalists are first-order im-

portant for predicting the likelihood of syndication.

3. Empirical results

In this section we report empirical results of three ma-

jor blocks of our analysis. First, we are interested in de-

termining the set of personal characteristics that affect

the performance of an individual venture capitalist. Sec-

ond, we examine interactions between personal charac-

teristics of two individuals and establish their impact on

the likelihood of a pair working together. Third, we study

the performance implications of different kinds of similar-

ities between venture capitalists co-investing together. We
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use probit regressions to fit models with binary depen-

dent variables—whether an investment outcome is consid-

ered successful (in the first and third blocks) and whether

a pair of venture capitalists actually collaborate in syndica-

tion (in the second block). We cluster robust standard er-

rors by portfolio company because different individual ven-

ture capitalists and syndicates that invest into the same

portfolio company share the same realization of a ran-

dom investment outcome as a dependent variable. Portfo-

lio company industry and year of investment fixed effects

are included in every specification to capture differences in

syndication patterns and in the investment success across

different sectors and over time. In addition, we analyze re-

peated collaborations between venture capitalists and ex-

plore differences in pairwise characteristics between indi-

viduals that partner with each other once and those who

collaborate more frequently. Each of these analyses is dis-

cussed in turn.

3.1. Individual investment success

In Table 3 we examine how individual demographic

characteristics are related to investment success. The unit

of analysis is person-investment pair, where person is

an individual venture capitalist. We want to understand

whether any venture capital personal characteristics are

associated with differences in investment success. We find

that individual performance is persistent which is reflected

in the positive and significant effect of past investment

success on the current deal’s success. Holding a degree

from a top academic institution also matters. For exam-

ple, controlling for past performance, graduating from a

top college increases the likelihood of investment success

by 1.2 percentage points. Given that the overall fraction of

successful investments is 17.0%, these marginal effects are

economically significant and are equivalent to an increase

of the probability of a favorable outcome by 7.1%. Holding

any degree from a top academic institution is a stronger

and more precise signal of individual ability than holding

a particular kind of degree from a top university: the point

estimate of the Top school dummy variable corresponds

to a 12.9% boost in the probability of success. In con-

trast, ethnicity and gender characteristics do not have any

significant effect on individual performance. This justifies

the distinction between ability-based characteristics, which

positively affect individual success, and affinity-based char-

acteristics, which have no relationship with individual per-

formance.

3.2. Syndication partnering decision

We next explore the determinants of collaboration be-

tween people, focusing on the effects of the interactions

between personal characteristics of two individual venture

capitalists. Regression results are summarized in Table 4.

The unit of analysis is a pair of venture capitalists, ac-

tual or counterfactual. If the syndication pair is counter-

factual, the dependent variable takes the value of zero; if

venture capitalists in a dyad are actual collaborators on a
of friendship, Journal of Financial Economics (2016),
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Table 3

Individual investment success

This table reports marginal effects of probit regressions for the probability of success of an investment made by a venture

capitalist. The dependent variable is a dummy variable that takes the value of one if the investment is successful and zero

otherwise. Independent variables are success and personal (education, ethnicity, and gender) characteristics of a venture capi-

talist. Performance is the venture capitalist’s success ratio up to the current deal. Top college, Top business school, Top grad school,

and Top school are dummy variables which take the value of one if a venture capitalist holds, respectively, an undergraduate,

business, graduate, or any degree from a top university and zero otherwise. Ethnic minority is a dummy variable that equals

one if a venture capitalist is East Asian, Indian, Jewish, or Middle Eastern. Portfolio company’s industry and year of investment

fixed effects are included in all specifications. Robust standard errors clustered at the portfolio company level are reported in

brackets. Asterisks denote statistical significance at the 1% (∗∗∗), 5% (∗∗), or 10% (∗) levels.

Independent variables (1) (2) (3) (4) (5) (6) (7) (8)

Performance 0.088∗∗∗ 0.090∗∗∗ 0.093∗∗∗ 0.093∗∗∗ 0.088∗∗∗ 0.088∗∗∗ 0.089∗∗∗ 0.089∗∗∗
[0.008] [0.008] [0.008] [0.008] [0.008] [0.008] [0.008] [0.008]

Top college 0.012∗∗ 0.012∗∗ 0.012∗∗
[0.005] [0.005] [0.005]

Top business school 0.008 0.009 0.009

[0.006] [0.006] [0.006]

Top grad school 0.016∗∗∗ 0.016∗∗∗ 0.016∗∗∗
[0.004] [0.004] [0.004]

Top school 0.022∗∗∗ 0.022∗∗∗ 0.022∗∗∗
[0.005] [0.005] [0.005]

East Asian −0.000 −0.006 −0.004

[0.013] [0.012] [0.012]

Indian −0.012 −0.013 −0.015

[0.013] [0.013] [0.013]

Jewish −0.005 −0.004 −0.004

[0.006] [0.006] [0.006]

Middle Eastern −0.012 −0.011 −0.013

[0.038] [0.038] [0.038]

Ethnic minority −0.005 −0.005 −0.005

[0.005] [0.005] [0.005]

Female −0.005 −0.005 −0.007 −0.007 −0.005 −0.005 −0.006 −0.006

[0.009] [0.009] [0.009] [0.009] [0.009] [0.009] [0.009] [0.009]

No. of observations 28,495 28,495 28,495 28,495 28,495 28,495 28,495 28,495

R2 0.157 0.157 0.156 0.156 0.157 0.157 0.157 0.157
syndicated deal, the dependent variable takes the value of

one.9

In specifications 1–6, we explore the explanatory power

of three groups of pairwise variables, school rank, same

school, and same ethnicity, in isolation; fully specified

models are reported in columns 7 and 8. We find strong

support for the homophily-driven choice of working part-

ners. Most ability- and affinity-based pairwise characteris-

tics have positive and significant point estimates. For ex-

ample, two venture capitalists both holding degrees from

top universities are more likely to work together by 0.2

percentage points (column 2), or by 16.7% relative to the

unconditional sample probability of collaboration of 1.2%.10

Finer classification of the schools (columns 1 and 7) sug-

gests that syndication based on similar ability characteris-

tics seems to be largely driven by top college and top busi-

ness school graduates.

An even stronger effect is observed with respect to

affinity-based characteristics. Getting a degree from the

same school increases the likelihood of two venture cap-

italists working together by 33.3% (column 4). Adding a re-
9 The empirical results presented in this section are robust to correct-

ing for a much larger proportion of non-events in the estimation sample

using rare event logistic regressions (King and Zeng, 2001).
10 The unconditional sample probability of cooperation is calculated

from the number of actual syndication pairs (15,838) and the number of

counterfactual syndication pairs (1,344,567) used in the regression.
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striction on the shared educational background to be of the

same type further raises the chances of collaboration be-

tween a pair of individuals with such commonalities. For

example, venture capitalists who attended the same un-

dergraduate school are 58.3% more likely to co-invest (col-

umn 3).11 Furthermore, the likelihood of two individuals

partnering is 33.3% higher if both belong to the same eth-

nic minority group (column 6). In particular, a partnership

between two randomly drawn venture capitalists that are

both East Asian is more than twice as likely to occur in

reality (column 5). All these effects remain strong and sig-

nificant in the fully specified models in columns 7 and 8.

Venture capitalists also exhibit a strong preference to

partner with individuals with whom they share prior em-

ployment histories. Having at least one common past em-

ployer more than doubles the probability of two people

investing together. Finally, gender is another characteristic

based on which homophily may potentially come into play.

We find a significant effect for the Female: Both variable,

which suggests that shared gender also acts as a signifi-

cant factor in driving the decision of venture capitalists to

syndicate with each other.
11 Because there is greater diversity of undergraduate schools as op-

posed to business schools, our results indicate that our school tie effect is

not driven by a small number of educational institutions.
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Table 4

Syndication partnering decision

This table reports marginal effects of probit regressions for the probability of a venture capitalist to partner with another venture cap-

italist based on a set of observable characteristics. The dependent variable is a dummy variable equal to one if the syndication between

two investors takes place (actual pairs) and zero otherwise (counterfactual pairs). Independent variables are pairwise personal character-

istics (education, ethnicity, career, and gender) of a dyad of venture capitalists. Both top college, Both top business school, Both top grad

school, and Both top school are dummy variables which take the value of one if both venture capitalists in a pair hold, respectively, un-

dergraduate, business, graduate, or any degree from a top university and zero otherwise. Same school equals one if venture capitalists

attended the same academic institution and zero otherwise. Same college, Same business school, and Same grad school are defined similarly

with a restriction on the type of degree obtained. Same ethnic minority equals one if venture capitalists are both part of the same ethnic

minority group and zero otherwise. Same previous employer is a dummy variable equal to one if two venture capitalists worked at the

same company before entering the venture capital industry and zero otherwise. Portfolio company’s industry and year of co-investment

fixed effects are included in all specifications. Robust standard errors clustered at the portfolio company level are reported in brackets.

Asterisks denote statistical significance at the 1% (∗∗∗), 5% (∗∗), or 10% (∗) levels.

Independent variables (1) (2) (3) (4) (5) (6) (7) (8)

Top college: both 0.001∗∗∗ 0.001∗∗∗
[0.000] [0.000]

Top business school: both 0.001∗∗∗ 0.001∗∗
[0.000] [0.000]

Top grad school: both 0.001 –0.000

[0.001] [0.001]

Top school: both 0.002∗∗∗ 0.001∗∗∗
[0.000] [0.000]

Same college 0.007∗∗∗ 0.005∗∗∗
[0.001] [0.001]

Same business school 0.003∗∗∗ 0.002∗∗∗
[0.000] [0.001]

Same grad school 0.006∗∗∗ 0.006∗∗∗
[0.002] [0.002]

Same school 0.004∗∗∗ 0.0034∗∗∗
[0.000] [0.0003]

East Asian: both 0.013∗∗∗ 0.013∗∗∗
[0.004] [0.004]

Indian: both 0.011∗∗∗ 0.010∗∗
[0.004] [0.004]

Jewish: both 0.003∗∗∗ 0.003∗∗∗
[0.001] [0.001]

Same ethnic minority 0.004∗∗∗ 0.004∗∗∗
[0.007] [0.007]

Same previous employer 0.016∗∗∗ 0.016∗∗∗ 0.016∗∗∗ 0.015∗∗∗ 0.016∗∗∗ 0.016∗∗∗ 0.015∗∗∗ 0.015∗∗∗
[0.002] [0.002] [0.002] [0.002] [0.002] [0.002] [0.002] [0.002]

Female: both 0.003∗∗ 0.003∗∗ 0.003∗ 0.003∗ 0.003∗ 0.003∗ 0.003∗∗ 0.003∗∗
[0.002] [0.002] [0.002] [0.002] [0.002] [0.002] [0.002] [0.002]

No. of observations 1,360,405 1,360,405 1,360,405 1,360,405 1,360,405 1,360,405 1,360,405 1,360,405

R2 0.074 0.074 0.074 0.075 0.074 0.074 0.075 0.075

13 It is important to keep in mind that the homophily documented over

different characteristics cannot be attributed to the number of invest-

ments in which venture capitalists with certain characteristics are in-

volved. For example, investors educated at a highly ranked academic in-
Estimations using alternative counterfactual samples

produce qualitatively and quantitatively robust results. For

example, estimation using a stratified random sample of

50,000 counterfactual pairs suggests that having a degree

from the same school and belonging to the same ethnic

minority group significantly increase the likelihood of col-

laboration between two venture capitalists, by 34.4% and

39.2%, respectively. In addition, all the results in the pa-

per are robust to controlling for similarities between pair-

wise venture capital firm-level characteristics that may af-

fect syndication decisions (Lerner, 1994), including the to-

tal number of past syndications, total dollar amount of

past investments, past investment success rate, and the

Herfindahl industry concentration of past investments.12

Shared personal characteristics between a pair of individ-

ual venture capitalists have significant explanatory power
12 These results are not tabulated for brevity but are available from the

authors upon request.
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for syndication decisions beyond the firm-level factors doc-

umented in the existing literature.

Overall, our results on syndication partnering decisions

show that individual venture capitalists are more likely to

collaborate with others who possess similar characteristics

and backgrounds, whether these characteristics are related

to ability or not. The effects of these similarities on collab-

oration likelihood are highly significant, both statistically

and economically.13
stitution participate in a larger number of deals than their counterparts

without a top school degree. This has an equal effect, however, on both

the number of actual and counterfactual syndications between top degree

holders, and hence, cannot explain the homophily biases discussed in this

section.
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Table 5

Investment success: pairwise characteristics

This table reports marginal effects of probit regressions for the probability of investment success by a pair of

venture capitalists. The dependent variable is a dummy variable that equals one if the investment is successful

and zero otherwise. Independent variables are pairwise personal characteristics (education, ethnicity, career, and

gender) of a dyad of venture capitalists. Variables with the classifier at least one (both) take the value of one if at

least one (both) individual(s) in a pair has (have) a specific attribute and zero otherwise. Same previous employer

is a dummy variable which equals one if venture capitalists in a dyad worked at the same company. Performance:

average is an average of two venture capitalists’ success ratios up to the current deal. Portfolio company’s industry

and year of co-investment fixed effects are included in all specifications. Robust standard errors clustered at the

portfolio company level are reported in brackets. Asterisks denote statistical significance at the 1% (∗∗∗), 5% (∗∗),

or 10% (∗) levels.

Independent variables (1) (2) (3) (4) (5) (6)

Performance: average 0.335∗∗∗ 0.335∗∗∗ 0.335∗∗∗
[0.024] [0.024] [0.024]

Top school: at least one 0.004 0.004 0.004 0.016 0.016 0.016

[0.011] [0.011] [0.011] [0.011] [0.011] [0.011]

Top school: both 0.020∗∗ 0.020∗∗ 0.022∗∗ 0.029∗∗∗ 0.028∗∗∗ 0.031∗∗∗
[0.009] [0.009] [0.009] [0.009] [0.009] [0.009]

Same college −0.049∗∗∗ −0.049∗∗∗ −0.047∗∗∗ −0.046∗∗∗
[0.017] [0.017] [0.017] [0.017]

Same business school −0.013 −0.014 −0.009 −0.009

[0.014] [0.014] [0.014] [0.014]

Same grad school −0.014 −0.015 −0.029 −0.029

[0.034] [0.034] [0.032] [0.032]

Same school −0.024∗∗ −0.023∗∗
[0.011] [0.011]

East Asian: at least one −0.009 −0.011

[0.019] [0.019]

East Asian: both −0.133∗∗∗ −0.140∗∗∗
[0.024] [0.023]

Indian: at least one −0.005 −0.008

[0.023] [0.024]

Indian: both −0.056 −0.048

[0.060] [0.070]

Jewish: at least one 0.004 −0.004

[0.009] [0.009]

Jewish: both −0.050∗∗∗ −0.059∗∗∗
[0.017] [0.017]

Same ethnic minority −0.055∗∗∗ −0.056∗∗∗ −0.067∗∗∗ −0.067∗∗∗
[0.017] [0.016] [0.016] [0.016]

Female: at least one 0.003 0.003 0.003

[0.015] [0.015] [0.015]

Female: both −0.022 −0.022 −0.020

[0.045] [0.045] [0.045]

Same previous employer −0.055∗∗∗ −0.055∗∗∗ −0.054∗∗∗ −0.048∗∗∗ −0.048∗∗∗ −0.047∗∗
[0.018] [0.018] [0.018] [0.019] [0.018] [0.019]

No. of observations 15,844 15,844 15,844 15,979 15,979 15,979

R2 0.194 0.193 0.193 0.159 0.158 0.158
3.3. Investment success: pairwise characteristics

Having found strong evidence for homophily in the syn-

dication patterns of venture capitalists, we next explore

whether there are success implications of these biases.

Table 5 presents the estimation results. The unit of anal-

ysis is an actual pair of venture capitalists that partnered

on a syndicated deal. We regress the investment outcome

(a dummy variable indicating success) on a set of pair-

wise individual characteristics. Some pairwise characteris-

tics are represented by two dummy variables with quali-

fiers At least one and Both. The purpose of having two types

of variables is to understand whether a characteristic has

an additive impact on success or whether it only matters

if both individuals in a pair share it.

The results in Table 5 indicate that ability characteris-

tics have a positive effect on the co-investment success. In
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particular, both venture capitalists in a pair having degrees

from top schools consistently increases its chances of suc-

cess of the investment. Adding a second top degree holder

in a dyad increases the probability of success by approx-

imately 9.6–14.9%, given the unconditional success rate of

venture capital syndicates at 20.8%.

On the contrary, collaborating for affinity-based charac-

teristics severely worsens the performance of a syndication

dyad. In particular, syndication between venture capitalists

who are part of the same ethnic minority group or who

attended the same school or worked at the same company

in the past have significantly lower chances of success.

For example, deals in which two former coworkers co-

invest with each other have a 22.5–26.4% lower probabil-

ity of investment success compared to non-coworker deals.

Attending the same school is also detrimental. Syndicate

partners who attended the same school exhibit an 11.5%
of friendship, Journal of Financial Economics (2016),
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Table 6

Affinity and investment success

This table reports marginal effects of probit regressions for the probability of investment success

by a pair of venture capitalists. The dependent variable is a dummy variable that equals one if the

investment is successful and zero otherwise. The affinity score is the simple average of pairwise

affinity characteristics. The broad affinity score uses Same school, Same ethnic minority, Same previ-

ous employer, and Female: Both in its construction. The detailed affinity score is based on educa-

tion degree-specific (Same college, Same business school, and Same grad school) and minority-specific

(East Asian: Both, Indian: Both, and Jewish: Both) variables for education and ethnicity, Same previous

Employer, and Female: Both. Performance: average is an average of two venture capitalists’ success

ratios up to the current deal. Portfolio company’s industry and year of co-investment fixed effects

are included in all specifications. Robust standard errors clustered at the portfolio company level

are reported in brackets. Asterisks denote statistical significance at the 1% (∗∗∗), 5% (∗∗), or 10% (∗)

levels.

Independent variables (1) (2) (3) (4)

Affinity score: broad −0.151∗∗∗ −0.161∗∗∗
[0.037] [0.037]

Affinity score: detailed −0.167∗∗∗ −0.176∗∗∗
[0.038] [0.038]

Top school: at least one 0.004 0.004 0.015 0.015

[0.011] [0.011] [0.011] [0.011]

Top school: both 0.027∗∗∗ 0.024∗∗∗ 0.035∗∗∗ 0.032∗∗∗
[0.009] [0.009] [0.009] [0.009]

Performance: average 0.336∗∗∗ 0.336∗∗∗
[0.023] [0.024]

No. of observations 15,844 15,844 15,844 15,844

R2 0.193 0.193 0.160 0.160

14 All the results in the paper are robust to controlling for venture cap-

ital firm-level characteristics including the total number of past syndica-

tions, total dollar amount of past investments, past investment success

rate, and the Herfindahl industry concentration of past investments. For

brevity, these results are not tabulated but are available upon request.
lower success rate. The cost of affinity is even stronger for

venture capitalists with similar ethnic backgrounds. Being

part of the same ethnic minority group reduces the prob-

ability of success by 26.4–32.2%. In particular, East Asian

investors collaborating with each other exhibit the largest

cost of affinity, a drop in the probability of investment suc-

cess by more than 60%. When two Jewish venture capital-

ists partner on a deal, the probability of investment suc-

cess drops by approximately 25%. It is important to note

that none of the affinity variables with a qualifier At least

one is significant. It is not the presence of an ethnic minor-

ity investor that drives underperformance. Indeed, Table 3

shows that an individual’s ethnicity is not related to suc-

cess. Investment success is negatively affected only when

both investors are part of the same ethnic minority group.

We bring the analysis one step further by introduc-

ing an affinity score. We construct the affinity score of a

pair of venture capitalists as the average of pairwise affin-

ity characteristics—measures indicating whether members

of the pair are of the same gender, in the same minor-

ity ethnic group, attended the same school, or previously

worked for the same employer—for the sake of reducing

the dimensionality of the problem and having an intuitive

measure that represents the overall level of similarities be-

tween co-investors across multiple characteristics.

The affinity score thus constructed can be used as an

aggregate independent variable to explain the investment

success of the syndication dyad. Results of the analysis

at the syndication pair level are presented in Table 6.

In columns 1 and 3, we employ a broad definition of

the affinity score, constructed using the variables Same

school, Same ethnic minority, Same previous employer, and

Same gender. The affinity score in columns 2 and 4 is de-

fined in a detailed way over the education and ethnic-

ity components—it uses the variables Same college, Same
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business school, Same graduate school, East Asian: Both, In-

dian: Both, and Jewish: Both—and is similar otherwise. Us-

ing these aggregate scores to measure similarities between

members of a pair, we again find that the more alike the

partnering venture capitalists are in affinity-related charac-

teristics, the less likely their investment will ultimately be

successful.14

3.4. Repeated collaborations

Our analysis so far examines only first-time co-

investments made by pairs of venture capitalists. In this

section we supplement the analysis by considering the to-

tal number of co-investments a pair of venture capitalists

makes together. In particular, we explore whether aggre-

gate measures of affinity-based similarities between indi-

viduals can be used to predict the total number of collab-

orations in which a pair of individuals engage.

We run Poisson regressions of the total number of co-

investments by a syndicate on the affinity score controlling

for the number of top university degree holders in a pair

as a measure of their ability. Estimation results are pre-

sented in Table 7. Results in columns 1 and 2 are based

on the analysis over both actual and counterfactual pairs,

whereas results in columns 3 and 4 are derived solely from

actual pairs. Counterfactual pairs, by definition, have no

collaborations together. Since the distinction—in terms of

pairwise personal characteristics—between counterfactual

and actual pairs is sharper than the difference between ac-
of friendship, Journal of Financial Economics (2016),
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Table 7

Affinity and repeated collaborations

This table reports the results of Poisson regressions for the number of co-investments a pair of

venture capitalists made together. Columns 1 and 3 use a broad definition of the affinity score

using the variables Same school, Same ethnic minority, Same previous employer, and Same gender.

The affinity score in columns 2 and 4 is defined in a detailed way over the education and ethnic-

ity components—it uses the variables Same college, Same business school, Same graduate school, East

Asian: Both, Indian: Both, and Jewish: Both—and is similar otherwise. Results in columns 1 and 2 are

based on the analysis over both actual and counterfactual pairs, whereas results in columns 3 and

4 are derived solely from actual pairs. The first co-investment year fixed effects are included in all

specifications. Robust standard errors are reported in brackets. Asterisks denote statistical signifi-

cance at the 1% (∗∗∗), 5% (∗∗), or 10% (∗) levels.

Independent variables (1) (2) (3) (4)

Affinity score: broad 1.595∗∗∗ 0.071∗∗∗
[0.086] [0.023]

Affinity score: detailed 1.656∗∗∗ 0.077∗∗∗
[0.092] [0.026]

Top school: at least one −0.091∗∗∗ −0.091∗∗∗ −0.003 −0.003

[0.024] [0.024] [0.006] [0.006]

Top school: both 0.098∗∗∗ 0.133∗∗∗ 0.002 0.004

[0.020] [0.019] [0.005] [0.005]

No. of observations 1,360,411 1,360,411 15,844 15,844

R2 0.046 0.046 0.001 0.001

15 For brevity, these results are not tabulated in the paper but are avail-

able from the authors upon request.
tual pairs with unequal number of collaborations, columns

1 and 2 bear estimates of greater magnitudes. The num-

ber of co-investments—among actual and counterfactual

pairs—is positively and significantly related to the affinity

score. Any positive relationship between the number of co-

investments a pair of venture capitalists made together and

their joint ability, however, seems to be entirely driven by

the contrast between counterfactual pairs with zero col-

laborated deals and those pairs collaborating at least once.

It is interesting that columns 1 and 2 suggest that pairs

with only one venture capitalist with a degree from a top

school are likely to syndicate less frequently. It is an addi-

tional argument toward homophily preferences over abil-

ity, albeit weak because the effect does not hold if coun-

terfactual pairs are excluded from comparison (columns 3

and 4). Among actual pairs only, we find a strong positive

relationship between the affinity score and the number of

co-investments. Overall, the results in Table 7 indicate that

the frequency of collaborations is increasing in the affin-

ity score. Therefore, affinity-based similarity not only de-

termines people’s attractions to work together for the first

time, but also increases their frequency of repeated collab-

orations.

3.5. Syndicate-level similarity among individual investors

The unit of analysis in the paper focuses on dyadic re-

lationships. This is a common methodology in the liter-

ature and has justifiable merits. For example, the litera-

ture on firm-level syndication looks at dyadic relationships

even though there are far more firms involved. Hegde and

Tumlinson (2014) examine VC-entrepreneur dyadic rela-

tionships even though there are multiple VC-entrepreneur

pairs in the same investment. Dyadic relationships are typ-

ically the preferred unit of analysis because a shared char-

acteristic between a pair (e.g., the same school) is very

natural and easy to understand. On a philosophical level,

any group-level similarity measure boils down to pairwise
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comparisons and, as such, is equivalent to what the pair-

wise analysis can achieve. Nonetheless, we perform ad-

ditional tests to show that our results are robust to tak-

ing into consideration third-party effects of other investors

outside the dyad in a syndicate and to measuring similar-

ity among individual investors at the syndicate level.15

For each pair of individual venture capitalists in our

sample, we first calculate the average affinity score of all

the other pairs of individual venture capitalists in the same

syndicate and then rerun the investment success regres-

sions including both the affinity score of the dyad un-

der study and the average affinity score of all the other

pairs in the syndicate as right-hand side variables. We find

that the results of our pairwise analysis are highly robust

to taking into account any third-party effects of other in-

vestors in the syndicate. The average affinity score of all

the other pairs of individual venture capitalists in the syn-

dicate also has a significantly negative effect on invest-

ment success. However, controlling for the average similar-

ity among other investors outside the dyad in a syndicate,

the affinity between a pair of individual venture capitalists

continues to significantly and negatively affect investment

success.

Alternatively, we re-perform all the analysis in the pa-

per at the syndicate level, focusing on an entire syndicate

as the unit of analysis and the similarity among all the

individual venture capitalists in the syndicate as the key

measure of affinity. Specifically, for each syndicate, we cal-

culate the syndicate-level affinity score as the average of

the affinity scores of all possible pairs of individual ven-

ture capitalists in the syndicate. The syndicate-level affin-

ity score captures the overall degree of similarity among

all group members within the syndicate.

Using this measure of group-level affinity, we then in-

vestigate how syndicate-level similarity among all individ-
of friendship, Journal of Financial Economics (2016),
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ual group members affects the syndication partnering de-

cision and the investment success. To examine the syndi-

cation partnering decision, we again construct a pseudo

sample consisting of counterfactual syndicates in the fol-

lowing manner. For each actual syndicate in our sample,

we construct a corresponding counterfactual syndicate by

substituting each venture capitalist in the actual syndicate

with a venture capitalist who is not in the syndicate, but

who has invested into another portfolio company in the

same industry as close in time as possible (without re-

placement). Using the sample of counterfactual syndicates

and our sample of actual syndicates, we find that affin-

ity at the syndicate level is significantly and positively re-

lated to the likelihood of actual syndicate formation. In

other words, the more similar the individual venture cap-

italists are in affinity-based characteristics, the more likely

they are to partner in syndication. Syndicate-level affinity

among all individual venture capitalists in the group also

significantly impacts investment success. Higher syndicate-

level affinity is associated with a lower likelihood of IPO

for the portfolio company in which the syndicate invests.

Overall, the analysis using measures of similarity among

individual venture capital investors at the syndicate level

yields results that are consistent with those from pair-

wise analysis. Individual similarity in personal characteris-

tics, pairwise or at the group level, significantly increases

the likelihood of collaboration but reduces the probability

of investment success.

4. Selection versus treatment

The inferior performance of investments undertaken by

venture capitalists with a high level of affinity between

them may be attributed either to selection or treatment

effects. On the one hand, collaboration with similar oth-

ers may have value in itself. In this case, a venture capital-

ist may derive personal utility from the collaboration and

consciously reduce the required investment hurdle rate if

making the investment involves future cooperation with a

syndicate partner sharing common features. As a result,

syndications based on affinity will have lower probabili-

ties of success because of less stringent requirements on

portfolio companies at the time of investment, i.e., the deal

would be of lower quality. Alternatively, it is possible that

affinity makes it easier for one venture capitalist to con-

vince another that the investment is worthwhile. Conse-

quently, if the attractiveness of an investment opportunity

is questionable and hence it is hard for a founding ven-

ture capitalist to reach out to a wide set of potential syn-

dication partners, it is more likely that a future co-investor

will display a high level of affinity with the original

investor.

On the other hand, the negative effect of affinity may

be due to treatment effects after the investment is made.

The dark side of homophily can lead to poor decision-

making by inducing social conformity and groupthink. In

contrast, differences in knowledge, skills, and perspectives

among team members with varied backgrounds may en-

hance creativity and innovation and elicit a multiplic-

ity of views, adding dimensions to problem-solving and

decision-making processes as well as eventually improving
Please cite this article as: P.A. Gompers et al., The cost
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performance (Williams and O’Reilly, 1998). Venture capi-

tal investors provide significant value-add to their portfo-

lio companies beyond the supply of capital (Gorman and

Sahlman, 1989). Post-investment, they make important de-

cisions and offer invaluable advice on a variety of issues:

hiring and firing the Chief Executive Officer (CEO), the se-

nior management team, and the board of directors; identi-

fying customers or partnering opportunities; and devising

a viable overall strategy, all of which are critical to mov-

ing the venture forward along the path to success. Thus,

any inefficient decision-making post-investment induced

by homophily among high-affinity venture capitalists will

negatively impact the success of the portfolio company

that they oversee. In other words, the lower likelihood of

success of co-investments between venture capitalists that

share similar characteristics is triggered by them making

inefficient decisions or even mistakes that they would oth-

erwise avoid.

Although similar in terms of empirical outcomes, the

selection and treatment effects explanations have different

welfare implications. According to the selection story, the

success of a portfolio company is independent of the com-

position of the venture capital team once the investment

is made. As long as investors act rationally, i.e., all invest-

ments have nonnegative ex ante expected returns, there is

no efficiency loss post-investment. Potential losses are in-

curred if some deals undertaken would not have been fi-

nanced absent the affinity between co-investors or if high-

affinity deals crowd out better deals that should have been

financed instead. In the treatment story, however, the in-

vestment outcome is affected by whether syndication part-

ners exhibit high homophily or not. To this end, there is

scope for greater efficiency if venture capitalists become

more cautious in choosing to collaborate with investors

possessing similar traits.

It is clearly possible that both mechanisms take place

in practice, and it is not entirely obvious which effect con-

tributes more to the empirical biases that we document. In

the tests that follow, we try to disentangle selection versus

treatment effects.

4.1. Portfolio company ex ante quality measures

First, we identify a set of measures that proxy for the

quality of portfolio companies known to venture capital-

ists at the time of financing and investigate the effect of

affinity on investment success after directly controlling for

the underlying investment quality using these measures.

The ex ante deal quality measures that we examine include

whether the portfolio company was founded by an en-

trepreneur who had previously founded another success-

ful venture capital-backed company (Serial entrepreneur),

the stage of the portfolio company (e.g., startup/seed, early

stage, expansion, later stage, and buyout/acquisition) at

the time of fundraising as well as the financing round,

and the amount of attention that the media paid to the

portfolio company at the time of investment. We identify

serial entrepreneurs by tracking the careers of founders

and identifying those who had already established a ven-

ture capital-backed business. An entrepreneur with a track

record of success is more likely to succeed than a first
of friendship, Journal of Financial Economics (2016),
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Table 8

Portfolio company characteristics and investment success

This panel reports marginal effects of probit regressions for the probability of success of an investment

made by an individual venture capitalist. The dependent variable is a dummy variable that equals one if

the investment is successful and zero otherwise. Independent variables are characteristics of a portfolio

company at the time of investment. Serial entrepreneur is a dummy equal to one if the founder of a

portfolio company had previously founded another venture capital-backed company. Portfolio company

stage is a variable with integer values from 1 to 5 corresponding to startup/seed, early stage, later stage,

expansion, and buyout/acquisition, respectively. Financing round indicates the round at which the first

investment was made into the portfolio company. Media coverage is a categorical variable that equals

one (two) if the number of news articles covering the investment is greater than zero and is below

(above) the median number of news articles for investments covered by at least one news article in

that year and zero if there is no media coverage on the investment. Portfolio company’s industry and

year of investment fixed effects are included in all specifications. Robust standard errors clustered at the

portfolio company level are reported in brackets. Asterisks denote statistical significance at the 1% (∗∗∗),

5% (∗∗), or 10% (∗) levels.

Independent variables (1) (2) (3) (4) (5) (6)

Serial entrepreneur 0.026∗∗∗ 0.027∗∗∗ 0.028∗∗∗
[0.008] [0.008] [0.010]

Portfolio company stage 0.027∗∗∗ 0.022∗∗∗ 0.028∗∗∗
[0.003] [0.004] [0.005]

Financing round 0.025∗∗∗ 0.017∗∗∗ 0.019∗∗∗
[0.003] [0.003] [0.004]

Media coverage 0.034∗∗∗ 0.020∗∗∗ 0.027∗∗∗
[0.004] [0.005] [0.007]

Venture capital firm FE No No No No No Yes

No. of observations 8,713 12,168 11,679 12,563 8,606 6,628

R2 0.173 0.166 0.175 0.159 0.187 0.226
time entrepreneur (Gompers, Kovner, Lerner, and Scharf-

stein, 2010). With respect to investment stage and round,

earlier stages and rounds involve more risks and hence are

less likely to result in a successful outcome. Media atten-

tion may proxy for market sentiment at the time of in-

vestment (Tetlock, 2007; Soo, 2013), and therefore, deals

with more media coverage prior to the first venture cap-

ital investment may be of higher quality and thus may

have higher success rates. We use Dow Jones Factiva to

identify portfolio companies which had news stories about

them released prior to or at the time of financing. Specif-

ically, we search for publications with the portfolio com-

pany name and the phrase “venture capital” in the time

frame from six months before the investment until one

month after.16 We then separate the investments into three

groups, those with no media coverage, those with moder-

ate media coverage, and those with high media coverage,

captured by a categorical variable, Media coverage.17

In Table 8, we examine the relation between these ex

ante portfolio company characteristics and investment suc-

cess. The dependent variable is a dummy variable equal to

one if the portfolio company eventually conducted an IPO.

The estimates are based on probit regressions with indus-

try, year, and venture capital firm fixed effects. The results

in Table 8 show that these portfolio company character-

istics display statistical and economic significance in pre-
16 Our results are robust to using alternative windows such as six

months before to six months after the investment.
17 Investments with zero news articles covering them account for 68%

of observations. For investments covered by at least one news article, we

separate them into moderate media coverage (18.1% of observations) and

high media coverage (13.9% of observations) using the median number of

articles covering the investment in that year.
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dicting the future investment outcome, separately as well

as jointly. A portfolio company is more likely to go public

if its founder is a serial entrepreneur, if it is of later stage

and in financing rounds, and if it has received media at-

tention at the time of investment.

Overall, the results in Table 8 demonstrate that these

characteristics are good proxies for the ex ante qual-

ity of the portfolio companies. These investment quality

measures, however, do not appear to be correlated with

the affinity of the syndicate. As the regression results in

Table 9 indicate, in which the dependent variable is the

detailed affinity score between a pair of venture capitalists,

the affinity between syndicating venture capital partners

is not significantly related to any of the measures for deal

quality, separately or jointly, thereby casting doubt on the

selection story that high-affinity venture capitalists choose

low-quality deals to invest into to begin with.18

Furthermore, in Table 10, we include the ex ante deal

quality measures as independent variables and re-estimate

the relationship between affinity and investment success.

The point estimates on the affinity score remain nega-

tive, highly statistically and economically significant across

all specifications, with magnitudes similar to those in our

baseline regressions in Table 6. The robust relationship be-

tween affinity and investment success following the inclu-

sion of objective fundamental controls—which are highly

significant in explaining future investment outcomes—

suggests that the major portion of the negative side of

affinity likely stems from the post-investment actions of

the syndicate as opposed to the deal selection patterns.
18 Using the broadly defined affinity score as the dependent variable

produces robust results.
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Table 9

Portfolio company characteristics and affinity

This panel reports the results of ordinary least squares regressions estimating the relationship be-

tween the affinity measure of a pair of venture capitalists and their underlying quality measures of

their investment. The dependent variable is Affinity score (detailed average). Independent variables are

characteristics of a portfolio company at the time of investment. Serial entrepreneur is a dummy equal

to one if the founder of a portfolio company had previously founded another venture-backed company.

Portfolio company stage is a variable with integer values from 1 to 5 corresponding to startup/seed,

early stage, later stage, expansion, and buyout/acquisition, respectively. Financing round indicates the

round at which the investment was made into the portfolio company. Media coverage is a categorical

variable that equals one (two) if the number of news articles covering the investment is greater than

zero and is below (above) the median number of news articles for investments covered by at least

one news article in that year and zero if there is no media coverage on the investment. Portfolio com-

pany’s industry and year of investment fixed effects are included in all specifications. Robust standard

errors clustered at the portfolio company level are reported in brackets. Asterisks denote statistical

significance at the 1% (∗∗∗), 5% (∗∗), or 10% (∗) levels.

Independent variables (1) (2) (3) (4) (5) (6)

Serial entrepreneur −0.0012 −0.0011 −0.0012

[0.0022] [0.0022] [0.0021]

Portfolio company stage −0.0005 −0.0008 −0.0004

[0.0011] [0.0012] [0.0012]

Financing round −0.0003 0.0000 0.0004

[0.0006] [0.0007] [0.0007]

Media coverage −0.0015 −0.0011 −0.0001

[0.0012] [0.0012] [0.0012]

Venture capital firm FE No No No No No Yes

No. of observations 14,973 15,699 15,197 15,840 14,765 14,765

R2 0.005 0.005 0.006 0.005 0.005 0.150

Table 10

Affinity and investment success: controlling for ex ante deal quality

This table reports marginal effects of probit regressions for the probability of investment success by a pair of

venture capitalists. The dependent variable is a dummy variable that equals one if the investment is successful

and zero otherwise. Results are presented for the detailed definition of the Affinity score as the key independent

variable. Performance: average is an average of two venture capitalists’ success ratios up to the current deal. Serial

entrepreneur is a dummy equal to one if the founder of a portfolio company had previously founded another

venture-backed company. Portfolio company stage is a variable with integer values from 1 to 5 corresponding to

startup/seed, early stage, later stage, expansion, and buyout/acquisition, respectively. Financing round indicates

the round at which the investment was made into the portfolio company. Media coverage is a categorical variable

that equals one (two) if the number of news articles covering the investment is greater than zero and is below

(above) the median number of news articles for investments covered by at least one news article in that year and

zero if there is no media coverage on the investment. Portfolio company’s industry and year of co-investment

fixed effects are included in all specifications. Robust standard errors clustered at the portfolio company level

are reported in brackets. Asterisks denote statistical significance at the 1% (∗∗∗), 5% (∗∗), or 10% (∗) levels.

Independent variables (1) (2) (3) (4) (5) (6)

Affinity score −0.161∗∗∗ −0.169∗∗∗ −0.157∗∗∗ −0.165∗∗∗ −0.161∗∗∗ −0.200∗∗∗
[0.039] [0.038] [0.039] [0.038] [0.040] [0.043]

Top school: at least one 0.338∗∗∗ 0.337∗∗∗ 0.332∗∗∗ 0.327∗∗∗ 0.319∗∗∗ 0.275∗∗∗
[0.024] [0.024] [0.024] [0.023] [0.024] [0.026]

Top school: both 0.001 0.001 0.000 0.004 −0.002 −0.003

[0.011] [0.011] [0.011] [0.011] [0.011] [0.013]

Performance: average 0.025∗∗∗ 0.021∗∗ 0.020∗∗ 0.024∗∗∗ 0.022∗∗ 0.007

[0.009] [0.009] [0.009] [0.009] [0.009] [0.009]

Serial entrepreneur 0.035∗∗ 0.035∗∗ 0.047∗∗∗
[0.014] [0.014] [0.016]

Portfolio company stage 0.030∗∗∗ 0.019∗∗∗ 0.027∗∗∗
[0.006] [0.006] [0.007]

Financing round 0.018∗∗∗ 0.011∗∗∗ 0.019∗∗∗
[0.004] [0.004] [0.004]

Media coverage 0.036∗∗∗ 0.026∗∗∗ 0.032∗∗∗
[0.007] [0.007] [0.008]

Venture capital firm FE No No No No No Yes

No. of observations 14,973 15,699 15,197 15,840 14,765 12,382

R2 0.202 0.202 0.207 0.197 0.213 0.289
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20 Also, the strategic choice of location by the founding venture cap-

italist and/or by the venture capital community is unlikely an issue of

concern. We observe very little mobility among venture capitalists in our
4.2. Instrumental variable estimation

So far we have used observable characteristics of port-

folio companies to control for deal quality. However, real

investment decisions are made based on a rich informa-

tion set that may include unobservable attributes of port-

folio companies as well. Therefore, we take a more general

approach and use instrumental variable estimation to ad-

dress the endogeneity issue.

We instrument for the level of affinity between a pair

of venture capitalists involved in a deal with the level of

affinity between the founding venture capitalist in the pair

and potential collaborators with similar industry profile

based in the same location, hereafter referred to as the lo-

cal affinity score. Our measure of local affinity captures the

degree to which the founding venture capitalist is similar

to the community of venture capitalists who are based in

her same location and who invest in similar industries. The

local affinity score is constructed in three steps. First, for

any given venture capitalist, we identify the pool of poten-

tial collaborators: these are other venture capitalists who

are based in the same location as the venture capitalist un-

der consideration and who have invested into a common

industry at least once. Actual syndication partners of the

venture capitalist are excluded from this pool. Second, we

compute the affinity scores for the venture capitalist under

consideration vis-à-vis every potential collaborator, i.e., ev-

ery venture capitalist in the pool. Third and last, we take

an average of these scores and arrive at the local affinity

score for the venture capitalist under consideration. Thus,

the local affinity score captures the extent to which a par-

ticular venture capitalist is similar to the local community

of her peer investors. In essence, it is a measure of lo-

cal availability that can be viewed as “an exogenous, geo-

graphically imposed limitation”, much in the same spirit as

the instruments based on local conditions in Berger, Miller,

Petersen, Rajan, and Stein (2005).19

Constructed in this manner, our local affinity measure

has three sources of variation: location, time, and person.

Therefore, even two different individual venture capital-

ists from the same firm investing at the same time almost

surely face different local affinity measures as long as they

have unique personal characteristics (i.e., education, em-

ployment, or ethnic backgrounds), because the local affin-

ity score for each individual is determined by that indi-

vidual’s unique personal characteristics. As an instrument,

the local affinity score can thus survive the introduction of

venture capital firm fixed effects and location fixed effects.

There are two channels—direct and indirect—through

which the relevance criteria of the instrument could be

satisfied. As long as the local community of venture cap-

italists is considered as the pool from which a syndicate

partner is drawn, higher local affinity results on average in

higher pairwise affinity between a founding venture capi-

tal investor and her co-investor even in the world with-

out preferences for homophily—due to a greater proportion

of people with similar characteristics among potential co-
19 Berger, Miller, Petersen, Rajan, and Stein (2005) instrument for bank

size with the median size of all banks in the market where the firm is

located as well as a measure capturing local branching regulations.
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investors. This is the direct channel. In terms of the indi-

rect channel, it is well documented in the social psychol-

ogy literature that individuals prefer familiar goods or peo-

ple (e.g., Zajonc, 1968; Saegert, Swap, and Zajonc, 1973).

This familiarity bias has manifested itself in various set-

tings in the capital markets and corporate finance such as

investing and mergers and acquisitions, in which individ-

ual decision-makers prefer familiar securities or choose to

work with managers with similar backgrounds (e.g., French

and Poterba, 1991; Coval and Moskowitz, 1999; Huberman,

2001; Ishii and Xuan, 2014). In the context of venture capi-

tal syndication, investors immersed in an environment fea-

turing certain personal characteristics more than others

can be more prone to form partnerships with investors

possessing such characteristics due to the familiarity bias

induced by the local community of venture capitalists.

As for the exogeneity criteria, it is important to keep in

mind that the reference set of venture capitalists against

which the local affinity measure is computed are not in-

volved in the actual deal in any way, i.e., the local affinity

measure captures the resemblance between a venture cap-

italist involved in a deal and other venture capitalists in

the same location who are not involved in the deal in any

capacity. This measure, by construction, cannot have any

direct effect on deal success. Moreover, in our instrumen-

tal variable analysis, we further include firm location dum-

mies to account for any location-related effect on invest-

ment performance. Therefore, it is unlikely that a mech-

anism exists through which local affinity could directly

drive the investment outcome.20

Table 11 presents the estimates obtained using the two-

stage least squares method with the local affinity score as

the instrument for the affinity score. Local affinity score dis-

plays significant statistical power in predicting the endoge-

nous variable of interest in the first stage (one specification

shown in column 7), with large F-statistics on the excluded

instruments, while none of the observable portfolio com-

pany characteristics prove to be significant determinants of

the syndicate’s level of affinity. Reported in columns 1–6,

structural form equations show that controlling for the en-

dogenous determination of a syndicate’s affinity level does

not change the conclusion that greater similarity between

co-investment partners is associated with lower success

rates. The coefficients on the affinity scores are negative

and highly statistically significant across all specifications.

As a robustness check (in unreported results), we split

our observations by whether the two individual venture

capitalists in the dyad are from the same location (“lo-

cal dyads”) and then perform the instrumental variable es-

timation on each subsample. The direct channel through

which the instrument affects pairwise affinity only comes

into play for local dyads, i.e., higher local affinity results
data. Out of 3,510 investors, only 202 worked in two firms or more, and

just 103 switched for a firm with at least one office in a new location.

Moreover, the instrumental variable results are robust to constructing the

instrument based on a pool of venture capitalists assigned to a certain

location after the investor under consideration.
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Table 11

Affinity and investment success: instrumental variable approach

This table reports results from two-stage least squares estimation for the probability of investment success by a pair of

venture capitalists. The dependent variable is a dummy variable that equals one if the investment is successful and zero

otherwise. Affinity score is instrumented for with the Local affinity score, which measures the level of similarity between a

founding venture capitalist and potential collaborators with similar industry profile based in the same location. Top school

and Performance are characteristics of a founding venture capitalist on a deal. Columns 1–6 report structural form equation

estimates for the probability of investment success by a pair of venture capitalists. Column 7 presents first-stage estimates

corresponding to the second stage displayed in column 6. Portfolio company’s industry and year of co-investment fixed

effects are included in all specifications. Robust standard errors clustered at the portfolio company level are reported in

brackets. Asterisks denote statistical significance at the 1% (∗∗∗), 5% (∗∗), or 10% (∗) levels.

2nd stage 1st stage

Independent variables (1) (2) (3) (4) (5) (6) (7)

Affinity score: broad −0.380∗ −0.570∗∗∗ −0.579∗∗∗
[0.195] [0.155] [0.157]

Affinity score: detailed −0.426∗ −0.550∗∗∗ −0.559∗∗∗
[0.218] [0.173] [0.175]

Top school 0.033∗∗ 0.023∗∗ 0.023∗∗ 0.028∗∗ 0.014 0.013 0.006∗∗
[0.014] [0.010] [0.010] [0.012] [0.009] [0.009] [0.002]

Performance 0.345∗∗∗ 0.276∗∗∗ 0.276∗∗∗ 0.345∗∗∗ 0.276∗∗∗ 0.276∗∗∗ −0.008∗
[0.025] [0.014] [0.014] [0.025] [0.014] [0.014] [0.004]

Serial entrepreneur 0.037∗∗ 0.043∗∗∗ 0.043∗∗∗ 0.037∗∗ 0.044∗∗∗ 0.044∗∗∗ −0.000

[0.015] [0.007] [0.007] [0.015] [0.007] [0.007] [0.002]

Portfolio company stage 0.012 0.016∗∗∗ 0.016∗∗∗ 0.012 0.016∗∗∗ 0.016∗∗∗ 0.000

[0.008] [0.004] [0.004] [0.008] [0.004] [0.004] [0.001]

Financing round 0.012∗∗ 0.017∗∗∗ 0.017∗∗∗ 0.012∗∗ 0.017∗∗∗ 0.017∗∗∗ 0.000

[0.005] [0.003] [0.003] [0.005] [0.002] [0.003] [0.001]

Media coverage 0.027∗∗∗ 0.025∗∗∗ 0.025∗∗∗ 0.027∗∗∗ 0.025∗∗∗ 0.025∗∗∗ −0.000

[0.007] [0.004] [0.004] [0.007] [0.004] [0.004] [0.001]

Local affinity score 0.783∗∗∗
[0.053]

Venture capital firm FE No Yes Yes No Yes Yes Yes

Location FE No No Yes No No Yes Yes

No. of observations 13,745 13,745 13,745 13,745 13,745 13,745 13,745

R2 0.217 0.309 0.309 0.217 0.312 0.312 0.156
in higher pairwise affinity due to a greater proportion

of people with similar characteristics among potential co-

investors for the founding venture capitalist to select from

in the local pool. Given this nature of the instrument, we

expect that the instrument variable works better in the

subsample of local dyads than in the subsample of non-

local dyads. Indeed, we find that in the subsample of lo-

cal dyads (52.9% of the overall sample), the pairwise affin-

ity score instrumented by local affinity continues to have

a negative and significant impact on investment success.

In the subsample of non-local dyads, however, the coeffi-

cients on the pairwise affinity score instrumented by lo-

cal affinity, albeit still negative and similar in magnitude as

those in the analysis with local dyads, are no longer statis-

tically significant. This dichotomy is consistent with local

affinity affecting investment performance only through the

potentially endogenous pairwise affinity, but not directly.

As such, it increases our level of confidence in the validity

of the instrument.

4.3. Investment stage and the effect of affinity on investment

success

To further alleviate the selection concerns and to bet-

ter understand the mechanisms through which affinity af-

fects investment performance, we investigate how the ef-

fect of affinity on deal success varies by the stage of invest-

ment. Since early-stage startups typically involve more key
Please cite this article as: P.A. Gompers et al., The cost
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decisions and milestones in their growth process, they re-

quire more input and oversight from the venture capitalists

that invest in them, and their success depends more keenly

on the value-add provided by the venture capitalists after

the investment is made. Therefore, poor decision-making

induced by high affinity would have a more pronounced

effect on the performance of early-stage investments.

To test this empirically, we add a dummy variable Early

stage, which indicates whether a portfolio company is in

the earliest stage of the startup growth process, and its in-

teraction term with affinity score to the investment suc-

cess regressions. Econometrically, such a test of interac-

tion term effects is also less subject to selection and third-

factor concerns since any omitted factor is less likely to be

correlated with the interaction terms than it is with the

linear term (Angrist and Pischke, 2009). We present the re-

gression results in Table 12, with columns 1–3 using the

broad affinity scores and columns 4–6 using the detailed

affinity scores.

As shown in Table 12, affinity significantly and nega-

tively influences investment success for deals in the later

stage of the investment cycle, as indicated by the negative

and significant coefficient on Affinity score across all speci-

fications. More importantly, the coefficient on the interac-

tion between Affinity score and Early stage is also negative

and significant across all specifications, suggesting that the

negative effect of affinity is much stronger for investments

in portfolio companies that are in the earliest stage of the
of friendship, Journal of Financial Economics (2016),
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Table 12

Investment stage and the effect of affinity on investment success

This table reports ordinary least squares regression results on the effect of investment stage on the relation

between affinity and the probability of investment success by a pair of venture capitalists. The dependent variable

is a dummy variable that equals one if the investment is successful and zero otherwise. Columns 1–3 and 4–6 use

the broad and detailed definitions in constructing the affinity scores, respectively. Early stage is a dummy variable

equal to one if the portfolio company is in the earliest stage of the startup growth process and zero otherwise.

Performance: average is an average of their success ratios up to the current deal. Financing round indicates the

round at which the investment was made into the portfolio company. Media coverage is a categorical variable that

equals one (two) if the number of news articles covering the investment is greater than zero and is below (above)

the median number of news articles for investments covered by at least one news article in that year and zero if

there is no media coverage on the investment. Portfolio company’s industry and year of co-investment fixed effects

are included in all specifications. Robust standard errors clustered at the portfolio company level are reported in

brackets. Asterisks denote statistical significance at the 1% (∗∗∗), 5% (∗∗), or 10% (∗) levels.

Independent variables (1) (2) (3) (4) (5) (6)

Affinity score −0.114∗∗∗ −0.105∗∗∗ −0.118∗∗∗ −0.117∗∗∗ −0.113∗∗∗ −0.115∗∗∗
[0.035] [0.036] [0.035] [0.035] [0.036] [0.036]

Affinity score x Early stage −0.140∗ −0.150∗ −0.202∗∗ −0.154∗ −0.166∗ −0.219∗∗
[0.079] [0.083] [0.082] [0.086] [0.090] [0.090]

Early stage −0.061∗∗∗ −0.037∗ −0.037∗∗ −0.062∗∗∗ −0.038∗∗ −0.038∗∗
[0.018] [0.019] [0.017] [0.018] [0.019] [0.017]

Top school: at least one −0.001 −0.005 −0.004 −0.001 −0.005 −0.004

[0.009] [0.010] [0.010] [0.009] [0.010] [0.009]

Top school: both 0.020∗∗ 0.020∗∗ 0.008 0.017∗ 0.018∗∗ 0.005

[0.009] [0.009] [0.009] [0.009] [0.009] [0.008]

Performance: average 0.409∗∗∗ 0.394∗∗∗ 0.297∗∗∗ 0.409∗∗∗ 0.394∗∗∗ 0.296∗∗∗
[0.027] [0.028] [0.027] [0.027] [0.028] [0.027]

Serial entrepreneur 0.034∗∗ 0.042∗∗∗ 0.034∗∗ 0.042∗∗∗
[0.015] [0.015] [0.015] [0.015]

Financing round 0.014∗∗∗ 0.019∗∗∗ 0.014∗∗∗ 0.019∗∗∗
[0.005] [0.004] [0.005] [0.004]

Media coverage 0.023∗∗∗ 0.024∗∗∗ 0.023∗∗∗ 0.024∗∗∗
[0.007] [0.006] [0.007] [0.006]

Venture capital firm FE No No Yes No No Yes

No. of observations 15,699 14,765 14,765 15,699 14,765 14,765

R2 0.200 0.210 0.321 0.200 0.210 0.320
startup growth process. The differential effect of affinity

in early-stage investments versus later-stage investments is

consistent with the hypothesis of high-affinity syndicating

venture capitalists making poor decisions post-investment.

Overall, although it is impossible to completely rule

out the selection story of high-affinity venture capitalists

choosing low-quality investments at the time of financ-

ing, a variety of tests discussed in this section—controlling

for portfolio company ex ante quality, accounting for en-

dogeneity using the instrumental variable approach, and

exploring the differential effect of affinity across invest-

ment stages using interaction terms—indicate that selec-

tion seems unlikely to be the primary factor that accounts

for the performance patterns documented in our paper.

The treatment effect post-investment is most likely the key

channel through which the mutual affinity of venture cap-

italists involved in a deal affects ultimate investment suc-

cess.

5. Conclusion

Collaborative behavior between people is of great im-

portance in different spheres of life. We engage in brain-

storming discussions with our colleagues at work to find

an optimal solution to a business problem. Companies we

work at form partnerships with other firms to develop cre-

ative products and enhance joint productivity. Our children
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form study groups with their classmates to learn the ma-

terial better. Our countries collaborate with other nations

upon security and environmental issues. Living in a global-

ized world, we face great opportunities not only in terms

of what to work on, but also with whom to cooperate. The

growth in the number of projects that are being done in a

team rather than individually makes it increasingly impor-

tant to understand the following questions. First, what per-

sonal characteristics are taken into account when people

select their working partners? Second, how does the influ-

ence of these personal characteristics on the team compo-

sition affect performance? We use the venture capital syn-

dication setting to answer these questions.

Conducting the analysis at the individual venture cap-

italist level with a data set most comprehensive of its

kind to date, we find that personal characteristics that are

related to success or ability significantly influence ven-

ture capital syndication decisions and ultimately affect

investment performance. Consistent with the homophily

literature, we conclude that investors who share similar

characteristics with each other—common past employer,

ethnicity, and academic institution—are more likely to co-

invest together. However, the attraction to each other

based on affinity that venture capitalists exhibit is costly.

Investment teams that exhibit a high degree of similar-

ity between members over characteristics not related to

ability are less likely to succeed. The adverse effect of
of friendship, Journal of Financial Economics (2016),
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affinity based on prior employment, educational back-

ground, or ethnicity is economically and statistically sig-

nificant, in many cases lowering the probability of in-

vestment success by more than 20%. A variety of tests

show that the cost of affinity is not driven by selection

into inferior deals; the effect is most likely attributable

to poor decision-making by high-affinity syndicates after

the investment is made. The detrimental nature of affin-

ity is especially prominent for early-stage investments. We

also find that venture capitalists who collaborate most fre-

quently with each other are precisely those who have high

mutual affinity. In such groups, people partner because

they associate with each other, they share a bond, and per-

haps they are even friends.

Our conclusion is that, to paraphrase Ralph Waldo

Emerson, you cannot afford to be stupid with old friends

when you are venture capitalists co-investing together.21

While our study focuses on the venture capital indus-

try, “friendly” collaborations undoubtedly can occur in

many other important settings, such as business partner-

ships and strategic alliances, mergers and acquisitions, and

employer–employee matching. Our findings on the ten-

dency of individuals to partner with similar others and

the potential detrimental effect of such homophily, there-

fore, have general implications for team design and group

decision-making, and highlight the importance of diversity

in fostering an element of critical thinking and learning

that is conducive to performance.
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