DOI: 10.1111/j.1475-679X.2012.00469.x
Journal of Accounting Research
Vol. 51 No. 1 March 2013
Printed in U.S.A.

The Client Is King: Do Mutual Fund
Relationships Bias Analyst
Recommendations?
MICHAEL FIRTH,∗ CHEN LIN,† PING LIU,‡
AND YUHAI XUAN§
Received 16 August 2010; accepted 11 September 2012

ABSTRACT

This paper investigates whether the business relations between mutual funds
and brokerage firms influence sell-side analyst recommendations. Using a
unique data set that discloses brokerage firms’ commission income derived
from each mutual fund client as well as the share holdings of these mutual
funds, we find that an analyst’s recommendation on a stock relative to consensus is significantly higher if the stock is held by the mutual fund clients of
the analyst’s brokerage firm. The optimism in analyst recommendations increases with the weight of the stock in a mutual fund client’s portfolio and the
commission revenue generated from the mutual fund client. However, this favorable recommendation bias toward a client’s existing portfolio stocks is mitigated if the stock in question is highly visible to other mutual fund investors.
Abnormal stock returns are significantly greater both for the announcement period and, in the long run, for favorable stock recommendations
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from analysts not subject to client pressure than for equally favorable recommendations from business-related analysts. In addition, we find that, subsequent to announcements of bad news from the covered firms, analysts are
significantly less likely to downgrade a stock held by client mutual funds. Mutual funds increase their holdings in a stock that receives a favorable recommendation but this impact is significantly reduced if the recommendation
comes from analysts subject to client pressure.

1. Introduction
“Institutional investors, such as mutual funds, that are clients of the analyst’s firm
may have a significant position in the security of a company covered by an analyst.
An analyst may be inhibited from issuing a rating downgrade that would adversely
affect the performance of an institutional client’s portfolio for fear that the client
would take its brokerage business elsewhere.”
—Laura S. Unger, Acting Chair, U.S. Securities and Exchange Commission1

The activities and conflicts of interest of sell-side analysts have been
under careful scrutiny by policy-makers and researchers during the past
decade. Much of the academic research in this area has focused on the
investment banking relationships that the brokerage firms have and their
impact on analyst optimism (e.g., Lin and McNichols [1998], O’Brien,
McNichols, and Lin [2005]). However, another important source of
conflicts that has long been identified by the regulators, yet remains an
under-researched issue in the literature, is the pressure from the buy
side. This issue is particularly interesting because there are different views
among regulators, practitioners, and scholars on the roles of buy-side institutional investors in shaping analyst behavior. On the one hand, as both
the Securities and Exchange Commission (SEC) and the Financial Industry
Regulatory Authority (FINRA) have pointed out, institutional investors who
are clients of an analyst’s brokerage firm and hold a significant position in a
stock covered by the analyst may put pressure on the analyst to refrain from
offering negative opinions or issuing a rating downgrade on that security
(Unger [2001], FINRA [2009]). Supportive investment recommendations
from affiliated stock analysts can help boost the value of institutional investors’ portfolios, while negative opinions from such analysts send strong
negative signals about the prospects of the covered stocks to the market.
Importantly, institutional investor clients have not only the incentives but
also the ability to exert significant influence on affiliated analysts by allocating (or threatening the withdrawal of) trading commissions to brokers who

1 The quote is from Unger’s “Written testimony concerning conflicts of interest faced by
brokerage firms and their research analysts,” testified before Congress on July 31, 2001 (Unger
[2001]).
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employ the analysts. If an analyst issues an unfavorable report that harms
the performance of an institutional client’s portfolio, the client could take
a part or all of its brokerage business elsewhere, directly affecting the brokerage firm’s income. Sell-side analysts are under pressure to help generate
brokerage commissions, and their incentives to boost commission income
are particularly high following the separation of the research and investment banking divisions at brokerage firms (e.g., Irvine [2001, 2004], Jackson [2005], Cowen, Groysberg, and Healy [2006]). Institutional investors’
power to allocate their trading commissions among various brokerage firms
therefore gives them considerable leverage in dealing with sell-side analysts
and generates a distinct type of conflict of interest related to brokerage
commission income. Moreover, displeasing institutional investor clients
can have severe negative consequences for analysts’ career prospects. Out
of career concerns, an analyst may feel compelled to issue favorable recommendations on the stocks currently held in their clients’ portfolios (Unger
[2001]). Indeed, anecdotal evidence from interviews with industry insiders
at the Association for Investment Management and Research (AIMR) and
the Securities Industry Association indicates that sell-side analysts face pressure from institutional clients to “keep the recommendation up” on a dayto-day basis (Hansard [2002]). Survey results in the United States show that
about 70% of investment professionals regard the pressure from buy-side
clients not to downgrade the stocks in their portfolios as an important motivation for sell-side analysts (Boni and Womack [2003]). Similar evidence
has also been reported in China, where sell-side analysts yielding to the will
of their institutional clients and “protecting” the stocks held by clients is
an unspoken rule in the industry (Liu and Zhang [2008], Wang [2009]).
On the other hand, it is also argued in the literature that the provisions
of value-added forecasts and recommendations are the most important criteria when fund managers evaluate analysts’ qualities and vote for all-star
analysts (e.g., Hong and Kubik [2003]). Institutional investors prefer unbiased, high-quality research from sell-side analysts, and analysts, in turn,
build reputation by providing valuable and accurate reports and opinions
to institutional investors. Accordingly, star analysts are more likely to be
hired by prestigious financial institutions and receive higher compensation, and reputational risk and career concerns mitigate analysts’ optimism
on stocks highly visible to institutional investors (e.g., Hong, Kubik, and
Solomon [2000], Kothari [2001], Hong and Kubik [2003]). Consistent with
this view, Frankel, Kothari, and Weber [2006] show that analyst reports have
greater effects on security prices for stocks with higher institutional ownership. Similarly, Ljungqvist et al. [2007] find that the presence of institutional investors reduces analyst optimism.
The existing evidence therefore provides two competing views on the
role of institutional investors in influencing analyst behavior. To disentangle the two possible sides of the role, however, is rather difficult because
it requires detailed data on the trading commissions paid by each institutional investor to each brokerage in order to identify client relations and
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measure the buy-side pressure faced by analysts, yet this information is typically not publicly available. 2 As a result, the extant studies cannot separate
institutional investor clients from other independent institutional investors
and, moreover, lack direct and precise proxies for the economic incentives imposed on analysts. Consequently, their results might merely reflect
a commingled effect of independent and client institutional investors and
thus provide limited, or even biased, information about the precise link between buy-side pressure and analyst optimism. In this paper, we are able to
overcome this shortcoming and examine the analyst-institutional investor
client relationship and its effect on analyst optimism using a unique data set
from China. While previous studies have investigated the indirect business
relations stemming from investment banking mandates given to affiliates
of brokerages, we examine the direct business relations that involve trading
commissions paid by institutional investors to brokerage firms and the resulting conflict of interest. The China Securities Regulatory Commission’s
(CSRC) mandatory requirement for each mutual fund to publicly report its
stockholdings and trading commission payment details, including the total
amount and distribution of commissions among brokerage firms, allows us
to clearly identify the client relations between brokerages and mutual funds
and separate client mutual funds from other independent mutual fund investors.3 Moreover, the unique data allow us to proxy for the strength of
the incentive to bias recommendations and thus investigate cross-sectional
variations in analyst incentives. We can therefore propose and empirically
test an integrated framework that incorporates and accommodates both
views discussed above. To our knowledge, this is the first in-depth study that
uses trading commissions paid by institutional investors to brokerages to
examine potential conflicts of interest faced by sell-side analysts.
Specifically, based on the conflict of interest argument, we hypothesize
that mutual fund clients have incentives to use their commission payments
to pressure the business-related sell-side analysts to issue optimistically biased ratings on the stocks in their portfolios and to refrain from issuing
negative ratings on these stocks to avoid sending strong and negative signals to the market and hurting the clients’ fund performance. Based on the
reputation argument, and notwithstanding that brokerages, and through
them their analysts, have incentives to appease their institutional investors
with supportive investment recommendations, analysts also have to beware
of damaging their general reputations through issuing overly optimistic reports. Since analysts’ reputational capital is mainly forged on the recommendations they make on highly visible stocks that are often constituents
of institutional investors’ portfolios (Ljungqvist et al. [2007]), the costs of
2 For example, in the United States, institutional investors are not required to disclose to
which brokerage firms they make commission payments, nor are brokerages required to disclose the sources of their commission income.
3 Mutual funds are the primary and major institutional investors in China (Firth, Lin, and
Zou [2010]).
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publishing biased reports tend to be larger for such stocks. Analysts under client pressure may therefore be more likely to promote stocks in their
institutional investor clients’ portfolios that are less visible to other institutional investors as a strategy to support the interests of the clients while at
the same time avoiding the substantial risk of reputation loss. Thus, we expect that the analyst optimism effect induced by pressure from institutional
clients should be less pronounced for stocks that are highly visible to and
widely held by other institutional investors.
Our results indicate that the business relations between brokerage firms
and their mutual fund clients indeed exert a significant impact on analyst
optimism. In particular, we find that an analyst working for a brokerage firm
issues more favorable recommendations (relative to the market consensus)
on the stocks already owned by the brokerage firm’s mutual fund clients.
This relative optimism strengthens as the stock’s weight in the mutual fund
clients’ portfolios increases and as the trading commissions paid by those
mutual fund clients to the brokerage firm increase. These results are robust to a series of different test specifications and to controls for covered
firm, brokerage firm, and analyst characteristics as well as various factors
that might affect analyst optimism, including preexisting investment banking relationships between the analyst’s employer and the covered firm, and
institutional investor holdings of the stock. Moreover, we find that analyst
recommendations on stocks that are highly visible to other mutual fund
investors are less likely to be influenced by client pressure.
We also examine the stock market’s reaction to analyst recommendations
as well as the long-run returns of the covered stocks following the issue of
an analyst recommendation. Upon announcement, a favorable recommendation from a business-related analyst on a stock already held by mutual
fund clients yields significantly positive three-day abnormal returns. This
benefits the mutual fund clients as the performance of their portfolios,
which hold the covered stock, increases as a result. However, these returns
are lower than the abnormal returns associated with favorable recommendations made by independent analysts not subject to client pressure. This
suggests that investors might partially recognize or adjust for the optimistic
bias in business-related analysts’ recommendations and react less positively
to their favorable opinions. In the long run, a strategy that invests in stocks
highly recommended by business-related analysts yields a one-year abnormal return of 1.48%, compared to a one-year abnormal return of 3.33%
for stocks highly recommended by independent analysts. Thus, overall, an
optimistic recommendation from an independent analyst is more desirable
for the mutual funds. However, since it would be very difficult for the mutual funds to affect the optimism of independent analysts due to the lack
of economic and business ties, an overly optimistic recommendation from
a business-related analyst is still a desirable good (though second best) for
the mutual funds and their managers. Therefore, analysts’ upward bias on
stocks held by mutual fund clients may benefit not only the analysts’ brokerage firms (in terms of higher commissions) but also their mutual fund
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clients (positive short-term and long-term abnormal returns). The client
mutual funds will be able to declare a better performance, which will drive
up performance fees and generate more business. Likewise, the fund managers will benefit from the better performance of the fund through higher
bonuses, promotions, enhanced reputations, and better job prospects.
In contrast, negative (i.e., hold or worse) recommendations issued by
business-related analysts are associated with more negative abnormal returns upon issuance as well as in the long run than negative recommendations from independent analysts. These results suggest that business-related
analysts’ pessimism is powerful: a negative report from a business-related
analyst generates more destructive price effects on the stock held by mutual fund clients. Because business-related analysts are in general reluctant
to issue unfavorable ratings on stocks held by their mutual fund clients, a
negative report from such a related analyst contains more negative information content about the covered stock.4 As a result, mutual fund clients
have strong incentives to pressure business-related analysts to issue optimistic recommendations on the stocks in their portfolios; for fear of hurting the clients’ performance, business-related analysts under pressure are
more likely to refrain from issuing negative ratings on these stocks to avoid
sending strong and negative signals to the market.
While our results are consistent with the hypothesis that institutional investors use their commission payments to pressure the sell-side analysts to
issue optimistically biased ratings on the stocks in their portfolio, one potential cause for concern is the issue of simultaneity where favorable opinions from business-related analysts could induce mutual funds to buy into
the recommended stock. To address this issue and infer the analyst behavior more precisely, we conduct two further tests. First, we examine analysts’
reactions to bad news events from the covered companies. We find that,
subsequent to announcements of bad news from the covered firms, analysts
are significantly less likely to downgrade a stock held by client mutual funds.
We then examine the investment decisions of client mutual funds after the
issue of favorable analyst reports on stocks that are already in the funds’
portfolios. Our results show that favorable stock recommendations from either business-related or nonrelated analysts lead mutual funds to increase
their proportional holdings in the covered stocks. However, the increase
is less when the favorable recommendation comes from a business-related
analyst. Overall, the results from these tests further support our hypothesis
that it is client pressure that drives analyst optimism.
Taken together, our results suggest that the business relations between
mutual funds and brokerage firms influence sell-side analyst recommendations. Focusing on the impact of pressure from the buy side on analyst

4 Similarly, Barber, Lehavy, and Trueman [2007] show in the investment banking pressure
setting that negative reports from investment bank analysts convey more negative information
than negative reports from analysts in independent research firms.
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optimism, our paper adds to the literature on conflicts of interest in financial institutions (e.g., Mehran and Stulz [2007]) and, in particular, the
studies that focus on the conflicts of interest that impede an analyst’s ability to function as an objective financial intermediary.5 We also contribute to
the literature on the role of institutional investors in shaping firm decisions
and economic outcomes (e.g., Hartzell and Starks [2003], Parrino, Sias,
and Starks [2003]) and, in particular, in shaping analyst behavior, differentiating institutional clients from other independent institutional investors.
Our results indicate that, while institutional investors in general value unbiased, high-quality research, institutional clients may have different incentives and use commissions to pressure business-related analysts into issuing
overly optimistic recommendations on the stocks in the clients’ portfolios.
Similarly, from the analysts’ perspective, while analysts are concerned about
their reputations in the presence of institutional investors in general, they
might at the same time bow to the pressure from their institutional clients
and become overly optimistic in their recommendations.
The remainder of the paper is organized as follows. Section 2 provides
an overview of China’s mutual fund and brokerage industries and describes
the data and variables. Section 3 presents our empirical findings. Section 4
concludes.

2. Data and Variables
2.1

CHINA’S MUTUAL FUND AND BROKERAGE INDUSTRIES

China’s mutual fund industry has grown dramatically since the Chinese
government made a strategic decision in the early 2000s to develop the
industry as active institutional investors to help enhance corporate governance and stabilize the stock market. The number of mutual funds has increased from 34 in 2000 to 473 in 2008. The aggregate net asset value of mutual funds has grown from 12.3 billion U.S. dollars in 2000 to 477.5 billion
U.S. dollars seven years later.6 The mutual fund industry in China draws its
inspiration from and is organized along the lines of its counterparts in the
United States and other developed countries. Fund management fees are
based on fund net asset value, and fund performance is closely monitored,
regularly ranked, and widely publicized. Faced with fierce competition for

5 Previous studies have examined conflicts of interest faced by analysts stemming
from maintaining good relationships with company management (e.g., Das, Levine, and
Sivaramakrishnan [1998]), boosting trading commissions from investors (e.g., Irvine [2001,
2004], Jackson [2005], Cowen, Groysberg, and Healy [2006], Agrawal and Chen [2008]), investment banking relationships (e.g., Lin and McNichols [1998], O’Brien, McNichols, and Lin
[2005]), and common ownership (Mola and Guidolin [2009]).
6 The numbers in this section are compiled from China Finance Online and Wind Financial
Database (WindDB). All amounts in the Chinese currency (RMB) in the paper are converted
into U.S. dollars (USD) based on an exchange rate of 1 USD = 6.8591 RMB as of June 30,
2008.
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investments, mutual fund managers are under constant pressure to improve fund performance. With the rapid development of the Chinese stock
market, China’s brokerage industry has also flourished, witnessing steady
increases over the years in the number of brokerage firms in the industry,
the number of analysts employed, and the number of stocks covered. The
research reports and stock recommendations issued by sell-side analysts are
promptly distributed to existing and potential institutional clients such as
mutual funds as well as to individual investors. Summary reports are often
disclosed on Web sites and in financial newsletters and publications. Analysts’ recommendations are therefore widely circulated and effectively publicly available, and influence the investment decisions of many investors.
A major feature of China’s brokerage industry is the substantial proportion of trading commissions in a brokerage firm’s total revenue. From 2004
to 2008, trading commissions account for approximately half of brokerage
firms’ operating income, while security underwriting fees contribute less
than 10% on average. For an average brokerage firm, annual trading commissions from mutual funds have grown substantially, from approximately
3 million U.S. dollars in 2004 to 32 million U.S. dollars in 2008. The average annual commissions from mutual funds amount to 12 million U.S.
dollars for a brokerage firm in our study. For an average stock covered by
an analyst, there are seven mutual fund clients holding that stock in their
portfolios. These clients’ commission contributions to the analyst’s brokerage firm account for approximately 15% of the brokerage’s total commission revenue from the mutual fund industry. Similar to the commission
allocation process in the United States, mutual fund companies in China
allocate their trading commissions among brokerage firms by polling their
fund managers and other departments (e.g., the marketing department)
in quarterly broker evaluations (Wang and Xie [2011]).
Because commissions are an important source of revenue for brokerage
firms in a highly competitive industry, mutual fund clients’ power to allocate their trading commissions among various brokerage firms gives them
significant leverage in dealing with sell-side analysts and influencing their
behaviors. Anecdotal evidence indicates that, upon receiving unfavorable
analyst reports on stocks heavily held in their portfolios, mutual funds exert
pressure on the analysts’ employers and retaliate by reducing or even suspending commissions allocated to these brokerage firms (Wang [2009]).7
Moreover, analysts may be compelled to issue optimistic reports on the
7 For example, in October 2008, an analyst issued a downgrade commentary on Kweichow
Moutai Co., a major liquor maker in China, after observing a declining trend in its sales. Kweichow Moutai was a significant component in the portfolios of several mutual fund clients of
the analyst’s employer. The analyst’s commentary triggered a plunge in the stock price of Kweichow Moutai and enraged these mutual fund clients, who complained that the analyst should
have communicated with them and sought their opinions before issuing such a negative report. As a punishment, these mutual fund clients retaliated by cutting commission payments
to the analyst’s employer. In the end, the analyst succumbed to the pressure. To appease the
mutual fund clients, in a report on the stock issued shortly after, the analyst merely noted “increased uncertainties about future price increases and sales prospects,” but argued that “the
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stocks held in their clients’ portfolios out of career concerns. Displeasing
mutual fund clients often has severe negative consequences for analysts’ career prospects (Wang [2009]). J. Li [2008] and Q. Li [2008] detail a case
where an analyst was forced out of her career after issuing a downgrade
report that enraged her broker’s mutual fund clients who held a significant number of related shares. Interviews with sell-side analysts in China
indicate that, similar to their counterparts in the United States, many analysts in China face pressure from mutual fund clients not to downgrade the
stocks in their portfolios on a day-to-day basis (J. Li [2008], Q. Li [2008]
Liu and Zhang [2008], Wang [2009]).
In China, the brokerage industry is regulated by a set of rules issued in
1997 by the CSRC titled Interim Measures for Administration of Securities and
Futures Investment Consultancy (“the Measures” hereafter). Much like the
self-regulatory organization (SRO) rules in the United States, the Measures
largely focus on pressures originating from within the brokerage firms and
do not address pressures originating from outside the firms such as those
from institutional investors. Although the CSRC requires mutual funds to
publicly disclose the identities of their brokers and the trading volume and
commission payments to each broker, the disclosure is chiefly a perfunctory filing requirement. Commission allocation, for example, is not monitored or scrutinized by the authorities and remains at the sole discretion of
mutual fund companies. More generally, it is important to note that, even
after the enactment of rules and regulations that are designed to reduce analysts’ conflicts of interest, pressure from institutional investors may persist
as a significant source of conflict because it is “largely outside the control
of the [brokerage] firm” and thus “more difficult for the firm to address”
(Unger [2001]).8
In summary, pressures from institutional investors and the associated
conflicts of interest faced by sell-side analysts are a general issue present
both in an emerging market setting such as China and in more developed
markets including the United States. Understanding how analysts bias their
recommendations under the pressure from institutional investors is highly
relevant to investors as well as to regulators.

2.2

SAMPLE CONSTRUCTION

The data used in this study are mainly constructed from three databases:
Thomson Reuters’s I/B/E/S, China Stock Market and Accounting
new anticounterfeit technology and the planned franchise stores would lessen such uncertainties,” and gave the stock a “Buy” rating, the highest in the brokerage firm’s rating system (J. Li
[2008], Q. Li [2008]).
8 Both scholars and regulators suggest that institutional investors may supplant investment
bankers to be the main source of conflicts of interest in the sell-side stock research industry
(Unger [2001], Cullen [2004]). For example, in the United States, the SRO staff analyzing the
operation and effectiveness of the analyst conflict of interest rules points out that, as the rules
lessen the “internal pressure” on analysts, “external pressures” may become important sources
of conflicts of interest for analysts, including the pressure from “large institutional investors
who may be clients of the brokerage firm” (NASD and NYSE [2005]).
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Research (CSMAR), and the Wind Financial Database (WindDB).
I/B/E/S’s coverage includes analyst recommendations on Chinese stocks
from international brokerage firms or their branches in China (e.g., JP
Morgan China). CSMAR and WindDB contain analyst recommendations
from domestic brokerage firms. Our sample period is from the first quarter of 2004 (when the data first became available) to the second quarter of
2008. To maximize our sample coverage, we integrate analyst recommendation data from these three sources based on the stock exchange code
of the covered firm, the names of the analyst and the brokerage firm, and
the issuance date of the recommendation.9 Two recommendations from
different data sources are regarded as identical if all the above identifiers
are the same. Quarterly financial data and stock return data for the covered firms are extracted from WindDB and CSMAR, respectively. We also
obtain information on the brokerage firms, such as the amount and composition of revenue (including commission revenue) and headquarters location, from WindDB, which compiles the information from the brokerage
firms’ mandatory filings. We exclude from our data set duplicate recommendations, recommendations with anonymous issuer names, and recommendations on firms whose financial information is missing from the
source databases.
In addition to the analyst recommendations database, WindDB also has
a mutual fund research database that is constructed from the regulatory
filings of each mutual fund in China as mandated by the CSRC. It covers
details on the total amount of stock trading commission payments made by
each mutual fund and the distribution of the commissions among individual brokerage firms, as well as the stockholdings of each fund.10 We link
the mutual fund data with our analyst recommendation data by manually
matching the names of the brokerage firms. Our final sample consists of
40,000 recommendations made by 2,717 analysts from 67 brokerage firms,
with detailed information on which mutual funds paid commissions to each
of these brokerage firms, how much each commission payment was, and
which stocks each of these mutual funds holds in its portfolio.

2.3

VARIABLE DEFINITIONS

Table 1 presents the detailed definitions for all the variables used in the
paper. We describe and discuss these variables in this section.
2.3.1. Analyst Recommendations. Analyst recommendations are recorded
in our data set in real-time sequence with standardized five-digit ratings
9 Analyst recommendations in I/B/E/S and in WindDB are recorded using the same numerical rating system. A recommendation in CSMAR contains a description of the analyst’s
opinion together with the brokerage firm’s rating system. We manually translate these recommendations into numerical ratings consistent with I/B/E/S.
10 Every year, each mutual fund discloses details on its commission payments as well as the
market value and the number of shares of each stock in its holdings in two half-year reports
released in the second and fourth quarters. In the first and third quarters, each mutual fund
reports its top 10 largest holdings based on market value.
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TABLE 1
Definitions of Variables
Variable Names
Relative recommendation

Client pressure

Commission

Related holding

Investment banking relation

Political tie

Covered firm characteristics
Firm size
Profitability
Q
State ownership
Overseas listed

No. of analysts covering
stock
Other mutual fund
holdings

Variable Definitions
Individual investment recommendation minus the market
consensus (the median investment rating among all the
existing analysts covering the same stock)
A dummy variable, which, for a recommendation on stock
j issued by analyst i working for brokerage firm b, equals
one if the stock j is held by at least one of brokerage
firm b’s mutual fund clients and zero otherwise. For a
given quarter, a mutual fund is regarded as a client of a
brokerage firm if the brokerage firm has received
commission payments from the mutual fund in the last
quarter.
For a recommendation on stock j issued by analyst i
working for brokerage firm b, the commission payments
paid to b by its mutual fund clients that already hold
stock j in quarter t−1, as a proportion of brokerage firm
b’s total trading commission revenue from the mutual
fund industry
For a recommendation on stock j issued by analyst i
working for brokerage firm b, stock j’s weight in the
aggregate portfolio of brokerage firm b’s mutual fund
clients that hold stock j in quarter t−1, calculated as the
aggregate market value of stock j held by all of b’s
mutual fund clients divided by the total net asset value
of these clients
A dummy variable, which, for an analyst i employed by
brokerage firm b covering stock j, equals one if the
investment banking department of brokerage firm b
served as a lead or co-lead underwriter in j’s most recent
equity or debt issue prior to the recommendation and
zero otherwise
A dummy variable that equals one if both the CEO of the
analyst’s brokerage firm and the CEO of the covered
listed firm were government officials or People’s
Congress members before taking the CEO position
Log of total assets
Net income divided by total assets
The ratio of total assets minus book value of equity plus
market value of equity all over total assets
Percentage of shares owned by various levels of central
and local government and their agencies
A dummy variable that is equal to one if a firm has shares
traded on an overseas stock exchange or the China B
share market when the recommendation is issued and
zero otherwise
Number of analysts covering the stock
The number of shares in the listed firm held by all mutual
funds other than the brokerage firm’s clients divided by
the total number of shares outstanding
(Continued)
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T A B L E 1 —Continued

Variable Names
Brokerage firm characteristics
Foreign broker

Broker experience
Trading revenue
Mutual ownership relation

Analyst characteristics
All-star analyst

Analyst seniority
No. of stocks covered

Variable Definitions
A dummy variable that is equal to one if the headquarters
of the analyst’s brokerage firm is located overseas and
zero otherwise
Number of years since the brokerage firm was first
established in China
Brokerage firm’s revenue from stock trading commissions
divided by total revenue
A dummy variable that is equal to one if the brokerage
firm and the mutual fund that holds the stock covered
by the brokerage firm’s analyst are owned by the same
financial institution and zero otherwise
A dummy variable that is equal to one if the analyst is an
“all-star” analyst according to the most recent New
Fortune Chinese Best Analysts survey
Number of quarters since the analyst first appeared in the
database
The number of stocks covered by the analyst issuing the
recommendation

This table provides detailed definitions for all the variables used in the paper.

from 1 (strong buy) to 5 (sell) in an identical way to that used by I/B/E/S.
We reverse the rating order in this study so that 1 denotes a “sell” rating,
while 5 denotes a “strong buy.”
In order to measure analyst optimism, we focus on relative recommendations, computed by subtracting the market consensus from individual
investment recommendations featured in an analyst’s report (strong buy,
buy, hold, underperform, and sell). The market consensus is defined as
the median investment rating among all the existing analysts covering the
same stock in a given quarter (e.g., Chen and Matsumoto [2006]). Adjusting by the market consensus provides a natural proxy for an individual analyst’s bias. Focusing on relative recommendations also ensures comparability across stocks.
2.3.2. Pressure from Mutual Fund Clients. We focus our tests on how the
business relations between brokerage firms and their mutual fund clients
affect analyst recommendations. For a given quarter, a mutual fund is regarded as a client of a brokerage firm if the brokerage firm has received
commission payments from the mutual fund in the immediately prior quarter.11 For a recommendation on stock j issued by analyst i working for brokerage firm b, our main variable to capture the impact of the broker-mutual
11 We use lagged commission payments to avoid simultaneity. Our results are robust to using
contemporaneous commission payments to identify the client relationship. As commission
payments are reported on a half-year basis, we divide the amount of payments equally between
the two quarters in the half year.
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fund business relation on analyst optimism is the dummy variable, Client
Pressure, which equals one if stock j is held by at least one of brokerage
firm b’s mutual fund clients and zero otherwise. In other words, analyst i
from brokerage firm b covering stock j is considered to be subject to pressure from b’s mutual fund clients if at least one of the mutual fund clients
already holds stock j in its portfolio.
In order to measure the strength and extent of the business relation and
thereby the severity of the client pressure faced by the analyst issuing the
recommendation, we construct two additional variables. For a recommendation on stock j issued by analyst i working for brokerage firm b, we define
Commission as the commission payments paid to b by its mutual fund clients
that already hold stock j in quarter t−1, as a proportion of brokerage firm
b’s total trading commission revenue from the mutual fund industry. This
variable captures the economic importance of these mutual fund clients
to brokerage firm b. The second variable we define is Related Holding , calculated as stock j’s weight in the aggregate portfolio of brokerage firm b’s
mutual fund clients that hold stock j in quarter t−1. To construct this variable, we first aggregate the market values of stock j held by every mutual
fund client of brokerage firm b at the end of quarter t−1. This aggregate
market value of stock j is then divided by the total net asset value of all of
b’s mutual fund clients that held stock j at the end of quarter t−1.12 The
Related Holding measure captures the importance of stock j for the mutual
fund clients. As the trading commissions paid by the mutual fund clients to
the brokerage firm increase and as the covered stock’s weight in the mutual fund clients’ portfolios increases, the pressure from those mutual fund
clients on sell-side analysts also increases.
2.3.3. Control Variables. To assess the impact of client pressure on analyst
optimism, we control for a series of other factors that might affect analyst
recommendations. We use a dummy variable to control for the potential
preexisting investment banking relationship between an analyst’s brokerage firm and the covered company, which has been previously documented
to optimistically bias analyst research. For an analyst i employed by brokerage firm b covering stock j, the dummy variable Investment Banking Relation
is equal to one if the investment banking department of brokerage firm b
served as a lead or co-lead underwriter in j’s most recent equity offering or
debt issue prior to the recommendation being issued.13

12 Detailed information on the top 10 largest holdings of each mutual fund based on market value is available each quarter. Detailed information on all stocks in the portfolio holdings
is available in the half-year and annual reports. For the first and third quarters, if a stock is not
in the top 10 list in that quarter, we use the average of its holdings in the adjacent half-year and
annual reports to proxy for the actual stock holding. Our results are highly robust to focusing
only on the top 10 stocks in a mutual fund’s portfolio in determining related holdings.
13 This variable is constructed using information from WindDB, which reports the identities
of the underwriters for the equity and debt issuance activities undertaken by the covered firms.
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As the state is a major stockholder in many listed firms and brokerage
firms in China, analysts may be subject to political pressure to inflate their
recommendations on state-owned firms, especially if the CEOs of brokerage firms and the CEOs of the covered firms are former government officials and thus might try to curry favor with each other to gain political
credits and maximize their political career prospects (Firth, Lin, and Zou
[2010]). To control for such political pressure, we define a dummy variable
Political Tie, which equals one if both the CEO of the analyst’s brokerage
firm and the CEO of the covered listed firm were government officials or
People’s Congress members before taking the CEO position.14
We also control for covered firm characteristics, brokerage firm characteristics, as well as analyst characteristics. The covered firm characteristics
that we control for include firm size, profitability, Q , and state ownership
stake. Adding other controls such as leverage ratio, revenue-to-asset ratio,
and dividend yield produces robust results. Some covered firms are listed
on overseas stock exchanges or the China B share market (which is open
mainly to foreign investors), and therefore have a better information environment. Since the information environment of a firm influences the accuracy of an analyst’s report on that firm (Hope [2003]), we include the
dummy variable Overseas Listed as a control variable. In addition, we control for the number of analysts covering the listed firm in a given quarter.
We use the variable, Other Mutual Fund Holdings, as a proxy for institutional
shareholdings in the listed company. This variable is defined as the number
of shares in the listed firm held by all mutual funds other than the brokerage firm’s clients divided by the total number of shares outstanding.
The brokerage firm characteristics we control for include broker reputation and trading revenue. Previous studies suggest that prestigious investment banks are less likely to risk their reputation capital by pressuring their
analysts to issue bullish reports (Ljungqvist, Marston, and Wilhelm [2006]).
Analysts from internationally renowned institutions may care more about
their reputation than analysts at domestic brokerages do, and therefore
may be more conservative in their recommendations. We thus include a
dummy variable, Foreign Broker , indicating whether the headquarters of the
analyst’s brokerage is located overseas. As another proxy for reputation, we
also control for the number of years (Broker Experience) since the brokerage was first established in China. A brokerage firm’s trading departments
may compel their in-house analysts to generate optimistic reports in order
to boost trading commissions. As a result, we control for the brokerage’s
revenue from stock trading commissions divided by total revenue (Trading
Revenue). In addition, we control for whether the mutual fund holding a
stock and the brokerage firm of the analyst covering the stock are owned
by the same financial institution (Mutual Ownership Relation) as Mola and
Guidolin [2009] find evidence of analyst optimistic bias in this situation.
14 We manually collect the CEO political status data from news articles, company Web sites,
and annual reports.
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TABLE 2
Summary Statistics
Variable Names
Relative recommendation
Client pressure
Commission
Related holding
Investment banking relation
Political tie
Covered firm characteristics
Firm size ($MM)
Profitability
Q
State ownership
Overseas listed
No. of analysts covering stock
Other mutual fund holdings
Broker characteristics
Foreign broker
Broker experience
Trading revenue
Mutual ownership relation
Analyst characteristics
All-star analyst
Analyst seniority
No. of stock covered

Mean
0.15
0.49
0.07
0.01
0.04
0.17

STD
0.75
0.50
0.15
0.01
0.19
0.37

14,400
0.04
2.65
0.32
0.16
10.61
0.21

91,100
0.04
2.14
0.25
0.36
10.21
0.18

0.05
10.02
0.48
0.01

0.22
8.49
0.54
0.09

0.13
6.12
8.76

0.34
5.63
9.41

This table presents the mean and standard deviation (STD) for all the variables used in the paper. The
total number of observations is 40,000. Definitions of all the variables are reported in table 1.

We also control for analyst characteristics. For an analyst i covering a
stock j in quarter t, we define the analyst i as an all-star analyst, i.e., the AllStar Analyst dummy equals one, if i ranks in the top three of all the analysts
covering stock j’s industry according to the most recent New Fortune Chinese
Best Analysts survey. We further control for Analyst Seniority, measured as the
number of quarters since the analyst first appeared in the database, as well
as the total number of stocks covered by the analyst (No. of Stocks Covered).
Our results are robust to controlling for additional analyst characteristics
such as analyst productivity (defined as the number of reports issued by an
analyst as a proportion of the total number of reports issued by the analyst’s
brokerage firm in the year the recommendation is issued) and the total
number of industries the analyst covers.
Table 2 presents the summary statistics for the sample. About one half of
the recommendations (49%) are on stocks that are already held in the portfolios of the clients of the brokerage for which the analyst works. The sample means for Commission and Related Holding are 7% and 1%, respectively.
Note that for independent analyst recommendations (i.e., when Client Pressure equals zero), both Commission and Related Holding are zero by definition. If we focus on recommendations from business-related analysts only,
for which the two variables Commission and Related Holding are relevant,
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their mean values are 14.7% and 2.2%, respectively. Since by regulation,
mutual funds in China are allowed to hold no more than 10% of their
net asset value in any single stock, the magnitudes of these variables are
economically significant. On average, a sample stock is covered by approximately 11 analysts, and an individual analyst covers nine stocks. For an
average covered stock, holdings by other mutual funds amount to approximately 21% of the outstanding shares. Given that the free float of shares
in China is about 40% during the period of our study (approximately 60%
of shares are held by the state in the form of nontradable shares; see, e.g.,
Firth, Lin, and Zou [2010]), holdings by other mutual funds are substantial and can have a significant influence on analyst behavior that is distinct
from the impact exerted by mutual fund clients.

3. Results
3.1

MUTUAL FUND CLIENT PRESSURE ON ANALYST RECOMMENDATIONS

Table 3 provides univariate analyses on the impact of the business relations between mutual funds and brokerage firms on analyst optimism. We
examine all the analyst recommendations in our sample, distinguishing between whether or not the analyst making the recommendation is subject
to pressure from the mutual fund clients of his or her brokerage firm, i.e.,
whether or not at least one of the mutual fund clients of the analyst’s brokerage firm already holds the covered stock in its portfolio. We report the
percentages of strong buy, buy, and hold or worse recommendations, as
well as the average raw and average relative recommendations, for the full
sample first, followed by a breakdown by year.
The results from table 3 show that analysts are more optimistic, both
in absolute levels and relative to market consensus, toward stocks that are
held by their mutual fund clients. Analyst recommendations on stocks subject to client pressure have significantly more strong-buy and buy ratings
and significantly fewer hold or worse ratings compared to those without
such pressure. The average raw recommendation and relative recommendation are 4.17 and 0.22, respectively, on stocks held by clients, significantly
higher than the corresponding ratings of 3.83 and 0.08 on stocks that are
not in clients’ portfolios. This pattern of analyst optimistic bias toward mutual fund clients’ stock holdings is consistently observed across each year of
the sample.
In table 4, we explore how client pressure stemming from the business
relations between mutual funds and brokerage firms influence analyst recommendations using multivariate regression analysis. We estimate the following baseline empirical model:
Recommendation ijt = f (Client pressure ijt−1 ,Other pressures ijt−1 ,
Covered firm characteristics jt−1 ,
Brokerage firm characteristics it−1 ,
Analyst characteristics it−1 ).

(1)

2004
Client
Pressure
=0
12.14%
32.58%
55.28%
3.30

Client
Pressure
=1
20.68%
50.93%
28.39%
3.86

Client
Pressure
=0
10.96%
38.60%
50.44%
3.48

2005
Client
Pressure
=1
30.24%
51.11%
18.65%
4.09

Client
Pressure
=0
22.97%
40.65%
36.38%
3.82

2006
Client
Pressure
=1
38.38%
47.98%
13.64%
4.24

Client
Pressure
=0
31.66%
40.96%
27.38%
4.01

2007
Client
Pressure
=1
40.26%
48.37%
11.37%
4.28

Client
Pressure
=0
24.20%
52.32%
23.48%
3.98

2008

Diff.
Diff.
Diff.
Diff.
Diff.
Diff.
∗∗∗
∗∗∗
∗∗∗
∗∗∗
∗∗∗
5: Strong buy
∗∗∗
∗∗∗
∗∗∗
∗∗∗
∗∗∗
∗∗∗
4: Buy
∗∗∗
∗∗∗
∗∗∗
∗∗∗
∗∗∗
∗∗∗
1–3: Hold or worse
∗∗∗
∗∗∗
∗∗∗
∗∗∗
∗∗∗
∗∗∗
Avg. raw
recommendations
∗∗∗
∗∗∗
∗∗∗
∗∗∗
∗∗∗
∗∗∗
Avg. relative
0.22
0.08
0.03
−0.17
0.08
−0.05
0.21
0.12
0.25
0.17
0.25
0.08
recommendations
No. of
19,563 20,437
607
1,013
1,881
3,785
4,177
4,566
6,584
6,362
6,314
4,711
recommendations
No. of analysts
1,745
2,288
222
408
453
760
689
810
996
1,165
1,032
1,130
No. of brokerage
42
67
19
51
33
58
35
55
38
57
39
55
firms
No. of covered firms
688
1,345
180
478
274
863
435
875
534
1,019
437
853
This table presents univariate analyses on the impact of the business relations between mutual funds and brokerage firms on analyst optimism. We examine all the analyst
recommendations in our sample, distinguishing between whether or not the analyst making the recommendation is subject to pressure from the mutual fund clients of his or her
brokerage firm, i.e., whether or not at least one of the mutual fund clients of the analyst’s brokerage firm already holds the covered stock in its portfolio. We report the percentages
of strong buy, buy, and hold or worse recommendations, as well as the average raw analyst recommendations and average relative recommendations, for the full sample first, followed
by a breakdown by year. ∗∗∗ denotes the significant differences at the 1% level.

Client
Pressure
=1
11.20%
62.77%
26.03%
3.79

Client
Pressure
=1
34.70%
49.52%
15.78%
4.17

Client
Pressure
=0
23.20%
42.66%
34.14%
3.83

Full Sample: 2004–2008

TABLE 3
Univariate Analysis on Client Pressure and Analyst Optimism
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No. of analysts covering
stock
Foreign broker

Overseas listed

State ownership

Q

Profitability

Client pressure ∗ Other
mutual fund holdings
Firm size

Other mutual fund holdings

Political tie

Investment banking relation

Independent
Variables
Client pressure

0.014
[0.124]
−0.030
[0.852]
0.012∗∗
[0.016]
−0.075∗∗
[0.036]
−0.074∗∗∗
[0.007]
0.002
[0.123]
−0.428∗∗∗
[0.000]

(1)
0.051∗∗∗
[0.000]
0.084∗∗∗
[0.006]
0.046∗∗
[0.012]
−0.100∗∗
[0.022]

(2)
0.092∗∗∗
[0.000]
0.083∗∗∗
[0.007]
0.045∗∗
[0.014]
−0.016
[0.758]
−0.184∗∗∗
[0.004]
0.013
[0.158]
−0.055
[0.730]
0.012∗∗
[0.016]
−0.073∗∗
[0.044]
−0.072∗∗∗
[0.009]
0.002
[0.114]
−0.438∗∗∗
[0.000]

Relative
Recommendations
OLS

0.017
[0.154]
0.119
[0.589]
0.017∗∗
[0.035]
−0.117∗∗
[0.018]
−0.104∗∗∗
[0.008]
0.004∗∗
[0.044]
−0.459∗∗∗
[0.000]

(3)
0.098∗∗∗
[0.000]
0.131∗∗
[0.012]
0.068∗∗
[0.018]
−0.088
[0.181]

(4)
0.180∗∗∗
[0.000]
0.129∗∗
[0.013]
0.065∗∗
[0.024]
0.082
[0.274]
−0.371∗∗∗
[0.000]
0.015
[0.217]
0.069
[0.755]
0.017∗∗
[0.035]
−0.112∗∗
[0.024]
−0.101∗∗
[0.011]
0.004∗∗
[0.040]
−0.481∗∗∗
[0.000]

Three Choices
Ordered Probit

0.000
[0.895]
1.249∗∗∗
[0.000]
−0.007∗∗∗
[0.001]
−0.022∗∗
[0.047]
−0.007
[0.395]
0.057∗∗∗
[0.000]
−0.622∗∗∗
[0.000]

(5)
0.551∗∗∗
[0.000]
0.412∗∗∗
[0.000]
0.144∗∗∗
[0.000]
−0.092∗∗∗
[0.000]

0.015∗∗∗
[0.000]
0.147
[0.220]
0.011∗∗∗
[0.000]
−0.077∗∗∗
[0.000]
−0.074∗∗∗
[0.000]
0.008∗∗∗
[0.000]
−0.504∗∗∗
[0.000]

(6)
0.120∗∗∗
[0.000]
0.130∗∗∗
[0.000]
0.062∗∗∗
[0.000]
−0.096∗∗∗
[0.000]

(7)
0.722∗∗∗
[0.000]
0.407∗∗∗
[0.000]
0.138∗∗∗
[0.000]
0.165∗∗∗
[0.000]
−0.759∗∗∗
[0.000]
−0.004
[0.131]
1.134∗∗∗
[0.000]
−0.006∗∗∗
[0.002]
−0.012
[0.271]
−0.001
[0.881]
0.057∗∗∗
[0.000]
−0.638∗∗∗
[0.000]

(8)
0.188∗∗∗
[0.000]
0.129∗∗∗
[0.000]
0.060∗∗∗
[0.000]
0.030
[0.420]
−0.294∗∗∗
[0.000]
0.013∗∗∗
[0.000]
0.111
[0.345]
0.011∗∗∗
[0.000]
−0.073∗∗∗
[0.000]
−0.072∗∗∗
[0.000]
0.008∗∗∗
[0.000]
−0.521∗∗∗
[0.000]
0.039∗∗∗
[0.000]
−0.171
[0.411]
0.018∗∗∗
[0.002]
−0.067
[0.190]
−0.103∗∗∗
[0.002]
0.001
[0.663]
−0.351∗∗∗
[0.000]

(9)
0.107∗∗∗
[0.000]
0.085∗∗
[0.011]
0.061∗∗
[0.011]
−0.029
[0.613]

(10)
0.199∗∗∗
[0.000]
0.082∗∗
[0.014]
0.058∗∗
[0.015]
0.161∗∗∗
[0.007]
−0.419∗∗∗
[0.000]
0.036∗∗∗
[0.000]
−0.228
[0.271]
0.018∗∗∗
[0.001]
−0.062
[0.225]
−0.099∗∗∗
[0.002]
0.001
[0.617]
−0.376∗∗∗
[0.000]

Relative
Recommendations
Heckman Selection Model
OLS
(Consensus Based
Coverage
Relative
Coverage
Relative
on Independent
= 1? Recommendations = 1?
Recommendations
Analyst
1st Step
2nd Step
1st Step
2nd Step
Recommendations)

Dependent Variable

TABLE 4
Regression Analysis on Client Pressure and Analyst Optimism

0.017∗
[0.074]
0.009
[0.957]
0.007
[0.122]
−0.031
[0.354]
−0.085∗∗∗
[0.001]
0.001
[0.528]
−0.425∗∗∗
[0.000]

(11)
0.039∗∗∗
[0.002]
0.104∗∗∗
[0.000]
0.028∗
[0.095]
−0.058
[0.177]

(Continued)

(12)
0.079∗∗∗
[0.000]
0.103∗∗∗
[0.000]
0.026
[0.110]
0.019
[0.712]
−0.186∗∗∗
[0.004]
0.016∗
[0.092]
−0.017
[0.917]
0.007
[0.116]
−0.030
[0.385]
−0.083∗∗∗
[0.002]
0.001
[0.514]
−0.436∗∗∗
[0.000]

Relative
Recommendations
OLS
(Subsample
of
Non reiteration
Recommendations)
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40,000
0.05

(1)
−0.000
[0.475]
−0.005
[0.555]
0.285∗∗∗
[0.000]
0.136∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.004∗∗∗
[0.000]

40,000
0.04

(2)
−0.000
[0.504]
−0.004
[0.593]
0.286∗∗∗
[0.000]
0.136∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.004∗∗∗
[0.000]

40,000
0.02

(3)
−0.001
[0.120]
−0.010
[0.475]
0.529∗∗∗
[0.000]
0.224∗∗∗
[0.000]
−0.009∗∗∗
[0.000]
0.005∗∗∗
[0.000]

40,000
0.02

(4)
−0.001
[0.139]
−0.009
[0.518]
0.533∗∗∗
[0.000]
0.223∗∗∗
[0.000]
−0.009∗∗∗
[0.000]
0.005∗∗∗
[0.000]

Three Choices
Ordered Probit

1,136,866
N.A.

0.435∗∗∗
[0.000]
0.270∗∗∗
[0.000]

(5)
0.000
[0.337]
−0.104∗∗∗
[0.000]
0.418∗∗∗
[0.000]

0.151∗∗∗
[0.006]
1,136,866
N.A.

(6)
−0.000
[0.405]
−0.017∗∗
[0.045]
0.325∗∗∗
[0.000]
0.136∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.004∗∗∗
[0.000]

1,136,866
N.A.

0.432∗∗∗
[0.000]
0.266∗∗∗
[0.000]

(7)
0.000
[0.397]
−0.104∗∗∗
[0.000]
0.423∗∗∗
[0.000]

0.156∗∗∗
[0.006]
1,136,866
N.A.

(8)
−0.000
[0.438]
−0.017∗∗
[0.046]
0.328∗∗∗
[0.000]
0.136∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.004∗∗∗
[0.000]

39,761
0.05

(9)
−0.000
[0.739]
−0.002
[0.799]
0.317∗∗∗
[0.000]
0.133∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.004∗∗∗
[0.000]

39,761
0.05

(10)
−0.000
[0.804]
−0.001
[0.896]
0.319∗∗∗
[0.000]
0.132∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.004∗∗∗
[0.000]

28,016
0.04

(11)
−0.001
[0.279]
−0.008
[0.341]
0.195∗∗∗
[0.000]
0.126∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.003∗∗∗
[0.000]

28,016
0.04

(12)
−0.001
[0.293]
−0.007
[0.381]
0.198∗∗∗
[0.000]
0.126∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.003∗∗∗
[0.000]

Relative
Recommendations
OLS
(Subsample
of
Non reiteration
Recommendations)

This table presents the regression results of estimating the impact of the client pressure stemming from the mutual fund–brokerage firm business relationship on analyst optimism. In columns 1 and 2, we
perform OLS regressions with Relative Recommendation as the dependent variable. In columns 3 and 4, we estimate ordered probit regressions. The dependent variable in columns 3 and 4 is the three-level choice
facing a typical analyst: issuing an investing rating that is below (−1), at (0), or above (1) consensus. In columns 5 through 8, we estimate the Heckman selection model. Columns 5 and 7 perform first-stage
probit regressions, with the dummy dependent variable indicating coverage. Columns 6 and 8 report results from the second stage. The instruments used are: Brokerage Industry Coverage, defined as the number
of existing recommendations from the brokerage firm that cover stocks belonging to the given stock’s industry as a proportion of the number of total existing recommendations issued by that brokerage firm,
and Brokerage Location Coverage, defined as the number of existing recommendations from the brokerage firm that cover listed companies whose headquarters are in the same location as the given company,
divided by the number of total existing recommendations issued by that brokerage firm. In columns 9 and 10, we perform OLS regressions in which the dependent variable is Relative Recommendation calculated
using consensus based on independent analyst recommendations. In columns 11 and 12, we perform OLS regressions with Relative Recommendation as the dependent variable on the subsample of nonreiteration
recommendations only. Definitions of all the other variables are reported in table 1. All the independent variables are one quarter lagged. Year fixed effects are included. P -values based on robust standard errors
clustered by covered stock are reported in brackets. Significance at the 10%, 5%, and 1% level is indicated by ∗ , ∗∗ , and ∗∗∗ , respectively.

No. of observations
R-squared

No. of stocks covered
by analyst
Brokerage industry
coverage
Brokerage location
coverage
Inverse Mill’s ratio

Analyst seniority

All-star analyst

Mutual ownership relation

Trading revenue

Independent
Variables
Broker experience

Relative
Recommendations
OLS

Relative
Recommendations
Heckman Selection Model
OLS
(Consensus Based
Coverage
Relative
Coverage
Relative
on Independent
= 1? Recommendations = 1?
Recommendations
Analyst
1st Step
2nd Step
1st Step
2nd Step
Recommendations)

Dependent Variable

T A B L E 4 — Continued
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Each unit of observation is a single analyst recommendation. In equation
(1), the dependent variable is analyst i’s stock recommendation, relative to
consensus, on company j at time t. The key independent variable of interest is a dummy variable that captures whether the analyst is subject to
client pressure from the mutual fund clients of the analyst’s brokerage that
already hold the covered stock in their portfolios. As detailed in the data
section, other independent variables include the investment banking relationship and political ties between the analyst’s brokerage firm and the
covered company, as well as controls for covered firm characteristics, brokerage firm characteristics, and analyst characteristics. We also include year
fixed effects. All the independent variables are one quarter lagged, measured at the end of t−1.
Table 4 presents the results of estimating equation (1). In column 1, we
perform an ordinary least squares (OLS) regression, with standard errors
clustered by the covered stock. Our key independent variable, Client Pressure, enters into the regression positively, and its coefficient is significant at
the 1% level. Everything else equal, compared to recommendations made
on stocks without such pressure, the average relative ratings issued by analysts on stocks subject to client pressure are higher by 0.05. The magnitude
is economically significant considering that the sample mean of relative recommendations is 0.15. The result is consistent with analysts making more
optimistic recommendations than market consensus on stocks held by the
mutual fund clients of their employers.
Regarding the control variables, our proxy for the political pressures
placed on analysts is significantly and positively related to analyst optimism.
Analysts tend to issue more optimistic reports on listed firms when the
managements of covered firms and brokerage firms are politically connected. Similar to findings documented in the United States, preexisting investment banking relationships between the covered company and
the analyst’s brokerage firm are also associated with optimistic analyst
behavior.
The results for the other explanatory variables in column 1 are also
largely consistent with the literature. For example, if the stock covered by
an analyst is held by mutual funds that are owned by the same financial
institution that owns the analyst’s brokerage firm (Mutual Ownership Relation), it is more likely to receive an optimistic recommendation from the
analyst. Analysts with more experience (Analyst Seniority) and analysts employed by international brokerage firms (Foreign Broker ) tend to be more
conservative in issuing optimistic recommendations. Similar to evidence in
the United States, we find that all-star analysts issue more optimistically biased reports. The coefficient on Other Mutual Fund Holdings in column 1
is negative and significant, suggesting that the presence of other mutual
fund investors holding the stock moderates analyst optimism. This is consistent with previous findings in the United States that analysts are less likely
to be optimistically biased on stocks that are highly visible to institutional
investors.
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To further explore the moderating role of institutional investors, we add
an interaction term between Client Pressure and Other Mutual Fund Holdings
to the baseline model and test the hypothesis that the client pressure effect
on analyst optimism should be less pronounced for stocks highly visible to
other mutual fund investors (column 2). The coefficient on the interaction term is negative and significant, suggesting that the presence of other
institutional investors helps curb analysts’ optimism on stocks held by mutual fund clients. Thus, for a stock that has high institutional holdings by
other mutual fund investors, the analyst optimism caused by client pressure
is offset by analysts’ reputational concerns. These results extend our understanding of institutional investors’ influences on analyst behavior and
suggest that different institutional investors can have countervailing influences on analyst behavior. Analysts’ concerns about their reputations in the
presence of institutional investors may reduce the optimistic bias in general, including the bias induced by client pressure; yet, at the same time,
analysts might yield to the pressure from their institutional clients to issue
more aggressive recommendations.
To check the robustness of our results, we use several alternative estimation methods. The results shown in column 3 of table 4 are estimated using
an ordered probit regression in which we model the three-level choice facing a typical analyst: issuing an investment rating that is below (−1), at (0),
or above (1) consensus. In column 4, we again add an interaction term between Client Pressure and Other Mutual Fund Holdings to the baseline ordered
probit model. Our results are robust to using ordered probit estimations:
analysts tend to issue more favorable recommendations on stocks already
held by the mutual fund clients of their brokerage firms, and the effect
of client pressure on analyst optimism is more pronounced for stocks less
visible to other mutual fund investors.15
One potential concern with our results is that we observe a recommendation on a stock only if the analyst finds it worthwhile to cover the stock.
Stocks held by the mutual fund clients of the analysts’ brokerage firms may
be more likely to receive coverage because analysts may selectively choose
to publish reports on stocks that are held primarily by institutional investors and that they have positive views on (O’Brien and Bhushan [1990],
McNichols and O’Brien [1997]). To address the endogenous selection
of analyst coverage, we re-estimate our regression using the Heckman
selection model. This estimation is achieved in two steps. In the first stage,
we model the coverage decision by estimating the probability that a listed
firm’s stock receives coverage using a probit regression with instruments.
In the second stage, we include the inverse Mills ratio (lambda) obtained
from the first stage in the regression to correct for the self-selection bias.
15 Our results are also robust to estimating ordered probit regressions using the categorical
analyst raw recommendations (sell: 1, underperform: 2, hold: 3, buy: 4, and strong buy: 5) as
the dependent variable, estimating generalized least squares (GLS) regressions, or clustering
standard errors by analyst.
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We use two instruments in our first-step probit regression. For a given
brokerage-stock combination, the first instrument is Brokerage Industry
Coverage, defined as the number of existing recommendations from the
brokerage firm that cover stocks belonging to the given stock’s industry as a
proportion of the total number of existing recommendations issued by that
brokerage firm (Ljungqvist et al. [2007]). The broader the brokerage firm’s
existing coverage of the given stock’s industry, the more likely the analysts
in that brokerage firm are to cover the given stock, as the cost of coverage is lower. Our second instrument is based on geographical coverage
(Malloy [2005]). For a given brokerage-stock combination, the instrument
(Brokerage Location Coverage) is defined as the number of existing recommendations from the brokerage firm that cover listed companies whose
headquarters are in the same location (provinces or autonomously managed cities) as the given company, divided by the number of total existing
recommendations issued by that brokerage firm. The broader the brokerage firm’s existing coverage of the region in which the given company’s
headquarters is located, the more likely the analysts in that brokerage firm
are to initiate coverage of the given company, because of the information
advantage developed by the brokerage firm in that specific region.
Columns 5 and 6 in table 4 present the results from estimating the Heckman selection model. The first-stage probit regression results are reported
in column 5. The observations that receive active coverage consist of our
original sample, for which the dependent variable Coverage equals one. We
then create every possible brokerage-stock quarter in which a given stock is
not covered by a given brokerage firm in that quarter. We delete all the observations before a stock first enters into our sample or after it permanently
leaves the sample. This results in 1,096,866 observations for which Coverage
equals zero. In addition to the two instruments, we include all our independent variables except for analyst characteristics. Because there is no specific
analyst associated with the no-coverage observations, the analyst characteristics for these observations are missing by default. The positive and significant coefficients on the two instruments in column 5 confirm that analysts
are more likely to cover a stock if their brokerage firms have broad coverage
in the stock’s industry and location. Furthermore, analyst coverage probability increases when a stock is held in a client’s portfolios. Companies that
have investment banking relationships with or political connections to brokerage firms are also more likely to receive coverage.
The second-stage estimation results are reported in column 6, with Relative Recommendation as the dependent variable. The coefficients in this second step largely mirror those in column 1 of table 4. Notably, after controlling for endogenous selection, the coefficient on Client Pressure continues
to be positive and significant. In fact, its magnitude increases substantially.
The inverse Mill’s ratio is statistically significant at the 1% level, confirming
the existence of a selection bias. In columns 7 and 8, we add the interaction
term between Client Pressure and Other Mutual Fund Holdings to the baseline
Heckman selection model. As can be seen in column 8, the coefficient on
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the interaction term remains negative and statistically significant after controlling for endogenous selection.
As an alternative way to address the endogeneity issue, we restrict our
sample to include only large firms in their respective sectors. Analysts generally have little discretion in covering the largest firms in their industries,
and thus selection bias will be minimized and negligible when one examines large firms only (Kolasinski and Kothari [2008]). We therefore reestimate the model in columns 1 and 2 but restrict our analysis to firms
whose total assets in the most recent quarter rank in the top five of all the
firms in the same industry.16 The results (unreported but available upon
request) are qualitatively similar to the full sample results from columns 1
and 2, further alleviating the endogeneity concern.
We also test the robustness of our results using an alternative definition
of the dependent variable. Specifically, we redefine the market consensus
as the median investment rating of all the existing independent analysts covering the same stock in a given quarter. We then recalculate the Relative Recommendation measure based on the newly defined market consensus measure and use it as the new dependent variable to re-estimate the models in
columns 1 and 2. As can be seen from columns 9 and 10 in table 4, all the
results are highly robust to this alternative definition.
In addition, as reiterations might contain less information content compared to other recommendations, we distinguish reiterations from initiations and revisions in our sample and re-estimate the baseline model focusing on nonreiteration recommendations only. In columns 11 and 12
of table 4, we exclude from the full sample 11,984 recommendations that
are reiterations and re-estimate the baseline model. Our results are robust
to using this subsample of recommendations: analyst optimism significantly
increases in client pressure, especially for stocks that are less visible to other
mutual funds.

3.2

THE STRENGTH OF BUSINESS RELATIONS AND ANALYST OPTIMISM

So far, we have shown that the business relations between mutual funds
and brokerage firms influence analyst optimism. In this section, we explore
the variations in the strength and extent of the relationship to gain further
insights into how client pressures stemming from such relations bias analyst
recommendations. We construct two variables as detailed in section 2.3 in
order to measure the strength of the business relation between a brokerage firm and its mutual fund clients and thereby the severity of the client
pressure faced by the brokerage firm’s analysts issuing recommendations.
We use Commission to capture the relative importance of the mutual fund
clients to a brokerage firm’s commission revenue. We use Related Holding
to measure the importance of the covered stock to the mutual fund clients’

16 Our results are robust to using the top 10 in each industry to separate out large firms.
We use the industry classification of the CSRC to categorize a firm’s industry.

188

M. FIRTH, C. LIN, P. LIU, AND Y. XUAN

portfolios. The intuition is that the more trading commissions the brokerage firm receives from its mutual fund clients and the higher weight the
covered stock has in the mutual fund clients’ portfolios, the higher pressure these mutual fund clients can exert on the brokerage firm’s analysts,
and, therefore, the more optimistic the analyst recommendations are on
the stock.
In table 5, we estimate equation (1) using analyst recommendation relative to the market consensus as the dependent variable in OLS regressions
with standard errors clustered by the covered stock. In addition to all the independent variables in our baseline specification including our key variable
Client Pressure, we also include the interaction between Client Pressure and
Commission in column 1 of table 5, the interaction between Client Pressure
and Related Holding in column 2, and both interactions in column 3. Note
that, since, by definition, the continuous variables Commission and Related
Holding both equal zero when the dummy variable Client Pressure equals
zero, we do not need to include Commission or Related Holding in the regression by itself, as they are exactly the same as their respective interaction
terms with Client Pressure.
As can be seen from table 5, there are positive and statistically significant coefficients on the interaction terms in all specifications. As the importance of the mutual fund clients to the brokerage firm’s commission
revenue increases and as the importance of the covered stock to the mutual fund clients’ portfolios increases, the pressure from these mutual fund
clients on analysts at the relationship brokerage firms to inflate their recommendations on the covered stock also increases. These results are consistent with our argument that analyst optimism intensifies as the business
relations between mutual funds and brokerage firms become stronger and
more important for both parties.

3.3

STOCK RETURNS ASSOCIATED WITH ANALYST RECOMMENDATIONS

In this section, we examine the value implication of analyst recommendations, distinguishing between recommendations made by business-related
analysts who are subject to pressure from their brokerage firms’ mutual
fund clients and recommendations made by independent analysts without
such pressures. We first examine the stock market’s reaction to analyst recommendations upon report issuance and then examine the long-run returns of the covered stocks following analyst recommendation issuance.
3.3.1. Short-Term Stock Returns upon Analyst Recommendation Issuance. To
investigate the market’s reaction to the announcement of analyst recommendations, we focus on the cumulative abnormal returns (CARs) centered on the recommendation date over the three-day event window from
one day before the recommendation until one day after the recommendation. We use two measures of abnormal returns. The first is a simple measure based on the market-adjusted return, which is defined as the stock’s
return minus the market return (Market-Adjusted Abnormal Return). The
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TABLE 5
The Strength of Business Relations and Analyst Optimism

Client pressure
Client pressure * Commission

(1)
0.038∗∗∗
[0.008]
0.162∗∗
[0.040]

Client pressure * Related holding
Investment banking relation
Political tie
Other mutual fund holdings
Firm size
Profitability
Q
State ownership
Overseas listed
No. of analysts covering stock
Foreign broker
Broker experience
Trading revenue
Mutual ownership relation
All-star analyst
Analyst seniority
No. of stocks covered by analyst
No. of observations
R-squared

0.084∗∗∗
[0.007]
0.045∗∗
[0.014]
−0.111∗∗
[0.013]
0.009
[0.368]
−0.021
[0.896]
0.010∗∗
[0.033]
−0.072∗∗
[0.044]
−0.072∗∗∗
[0.009]
0.001
[0.216]
−0.417∗∗∗
[0.000]
−0.000
[0.552]
−0.005
[0.523]
0.273∗∗∗
[0.000]
0.136∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.004∗∗∗
[0.000]
40,000
0.05

(2)
0.001
[0.955]

2.413∗∗
[0.019]
0.085∗∗∗
[0.006]
0.046∗∗
[0.012]
−0.101∗∗
[0.021]
0.012
[0.208]
−0.019
[0.902]
0.011∗∗
[0.027]
−0.073∗∗
[0.041]
−0.072∗∗∗
[0.009]
0.002
[0.138]
−0.423∗∗∗
[0.000]
−0.000
[0.482]
−0.005
[0.534]
0.279∗∗∗
[0.000]
0.136∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.004∗∗∗
[0.000]
40,000
0.05

(3)
0.007
[0.770]
0.130∗
[0.080]
1.655∗
[0.052]
0.084∗∗∗
[0.006]
0.045∗∗
[0.014]
−0.109∗∗
[0.014]
0.008
[0.402]
−0.015
[0.922]
0.010∗∗
[0.042]
−0.072∗∗
[0.046]
−0.071∗∗∗
[0.010]
0.001
[0.206]
−0.416∗∗∗
[0.000]
−0.000
[0.541]
−0.005
[0.515]
0.271∗∗∗
[0.000]
0.136∗∗∗
[0.000]
−0.007∗∗∗
[0.000]
0.004∗∗∗
[0.000]
40,000
0.05

This table reports the OLS regression results on the effect of the strength of the mutual fund–brokerage
firm business relations on the relationship between client pressure and analyst optimism. The dependent
variable is Relative Recommendation. For a recommendation on stock j issued by analyst i working for brokerage firm b, Commission is defined as the commission payments paid to b by its mutual fund clients that
already hold stock j in quarter t−1, as a proportion of brokerage firm b’s total trading commission revenue
from the mutual fund industry. Related Holding is defined as stock j’s weight in the aggregate portfolio of
brokerage firm b’s mutual fund clients that hold stock j in quarter t−1, calculated as the aggregate market
value of stock j held by all of b’s mutual fund clients divided by the total net asset value of these clients. Note
that, since, by definition, the continuous variables Commission and Related Holding both equal zero when the
dummy variable Client Pressure equals zero, we do not need to include Commission or Related Holding in the
regression by itself, as they are exactly the same as their respective interaction terms with Client Pressure.
Definitions of all the other variables are reported in table 1. All the independent variables are one quarter
lagged. Year fixed effects are included. P -values based on robust standard errors clustered by covered stock
are reported in brackets. Significance at the 10%, 5%, and 1% level is indicated by ∗ , ∗∗ , and ∗∗∗ , respectively.
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market return is defined as the value-weighted returns on all stocks listed
on the Shanghai and Shenzhen stock exchanges. The second measure is
the standard abnormal returns estimated using the market model methodology for event studies with daily returns as in Brown and Warner [1985].
Specifically, for each observation (i.e., a recommendation on a stock) in
the sample, we use trading days −246 through −42 relative to the analyst
recommendation event date as the estimation period and regress the daily
returns for the stock on the market return for this period. The difference
between the stock’s actual daily return in the event window and the market model predicted daily return using the estimated factor loading from
the regression is defined as the abnormal return (Market Model Abnormal
Return). We then add the daily abnormal returns over the three-day event
window to arrive at the three-day CARs.
In panel A of table 6, we report the average three-day CARs around the
analyst report issue date for the full sample of recommendations, with a
breakdown by the optimism of recommendation relative to market consensus and a breakdown by the actual recommendation ratings. We categorize
the analyst recommendations into two groups, recommendations made by
business-related analysts who are subject to pressure from their brokerage
firms’ mutual fund clients and recommendations made by independent analysts without such pressures.
Panel A shows that optimistic business-related stock recommendations,
on average, generate a positive three-day CAR (1.23% using the marketadjusted abnormal returns and 0.89% using the market model abnormal
returns), significant at the 1% level. Therefore, the mutual fund clients
benefit from the favorable recommendations as the value of their holdings increases. While favorable recommendations have a positive effect on
short-term stock prices, panel A also shows that the abnormal returns for favorable independent stock recommendations are significantly greater than
for equally favorable business-related recommendations. This suggests that
investors might be able to partly recognize or partially adjust the optimistic
bias in business-related analysts’ reports (Jackson [2005]) and react less
positively to their favorable recommendations.
On the other hand, a less optimistic recommendation issued by a
business-related analyst generates, on average, a negative three-day CAR
(−0.19% using the market-adjusted abnormal returns and −0.43% using
the market model abnormal returns). The market’s negative reaction is
less pronounced for a similar report issued by an independent analyst.
Similarly, a negative (i.e., hold or worse) recommendation issued by a
business-related analyst yields a negative three-day market-adjusted return
of −0.41%, compared to −0.22% for similar reports issued by independent
analysts. The evidence indicates that a negative report from a businessrelated analyst delivers more (negative) signals to the market and generates more destructive price effects on the stock held by mutual fund
clients.

8,371

25,449

5,568

17,257

No. of Obs.
10,995

No. of obs.
29,505
9,907
Abnormal return
Abnormal return

Market-adjusted
Market model
Market-adjusted
Market model

Market-adjusted
Market model
Market-adjusted
Market model
Market-adjusted
Market model

Business-Related
1.48%∗∗∗
−1.98%∗

1.16%∗∗∗
1.02%∗∗∗
−0.09%
−0.22%∗∗∗

1.01%∗∗∗
0.68%∗∗∗
−0.22%∗∗
−0.41%∗∗∗

Independent
3.33%∗∗∗
−0.10%

One-year buy-and-hold

Independent
1.39%∗∗∗
1.28%∗∗∗
0.68%∗∗∗
0.53%∗∗∗
−0.03%
−0.15%∗

Business-Related
1.23%∗∗∗
0.89%∗∗∗
0.79%∗∗∗
0.49%∗∗∗
−0.19%∗
−0.43%∗∗∗

CAR(−1, +1)

Difference
− 1.85%∗∗
−1.88%

−0.15%∗∗∗
−0.34%∗∗
−0.13%
−0.19%∗

Difference
−0.17%∗
−0.39%∗∗∗
0.12%
−0.04%
−0.16%
−0.28%∗∗

This table presents the stock returns associated with analyst recommendations, distinguishing between recommendations made by business-related analysts who are subject to the
pressure from their brokerage firms’ mutual fund clients and recommendations made by independent analysts without such pressures. Panel A reports the average CARs centered
on the recommendation date over the three-day event window from one day before the recommendation until one day after the recommendation. We use two measures of abnormal
returns. The first is a simple measure based on the market-adjusted return, which is defined as the stock’s return minus the market return (Market-Adjusted Abnormal Return). The
second measure is the standard abnormal returns estimated using the market model methodology for event studies with daily returns. The difference between the stock’s actual daily
return in the event window and the market model predicted daily return using estimated factor loadings is defined as the abnormal return (Market Model Abnormal Return). We then
add the daily abnormal returns over the three-day event window to arrive at the three-day CARs. Panel B reports the average one-year buy-and-hold abnormal returns of the covered
stocks starting from the month after the recommendation is issued. The abnormal return is calculated as the difference between the buy-and-hold return of a covered stock and its
corresponding benchmark portfolio’s buy-and-hold return. The benchmark portfolio is matched based on size, book-to-market, and momentum. Significance at the 10%, 5%, and
1% level is indicated by ∗ , ∗∗ , and ∗∗∗ , respectively.

Strong buy or Buy
Hold or worse

Panel B: Average one-year buy-and-hold abnormal returns

Hold or worse

Strong buy or Buy

Less optimistic than market consensus

Equal to market consensus

More optimistic than market consensus

Panel A: Average Three-day cumulative abnormal returns around the recommendation date

TABLE 6
Stock Returns Associated with Analyst Recommendations

THE CLIENT IS KING

191

192

M. FIRTH, C. LIN, P. LIU, AND Y. XUAN

3.3.2. Long-Run Stock Returns Following Analyst Recommendation Issuance.
We also examine the long-run returns of the covered stocks following analyst recommendation issuance. We focus on the one-year buy-and-hold
abnormal returns starting from the month after the recommendation
is issued. Following the Daniel et al. [1997] methodology, we form 27
benchmark portfolios that capture three stock characteristics: size, bookto-market, and momentum. At the end of year t, the universe of common
stocks in the Shanghai and Shenzhen stock markets are sorted into three
portfolios based on each firm’s market capitalization. Firms in each size tercile portfolio are further sorted into terciles based on their book-to-market
ratios. Finally, the firms in each of the nine size and book-to-market portfolios are further sorted into terciles based on their prior 12-month holding
period returns estimated through the end of November of year t. The preceding 12-month return is calculated up through one month prior to the
formation date to avoid problems associated with the bid-ask bounce and
monthly return reversals (Jegadeesh [1990]).
Once the benchmark portfolios are formed, each stock is assigned to
a benchmark portfolio according to its size, book-to-market, and momentum categories. The buy-and-hold return following each recommendation
issuance is defined as the buy-and-hold return of the covered stock over 12
months starting from the month after the release of the recommendation.
The benchmark portfolio’s buy-and-hold return is calculated in a similar
manner. The abnormal return is calculated as the difference between the
buy-and-hold returns of the covered stock and its corresponding benchmark portfolio.
Panel B of table 6 presents the average one-year buy-and-hold abnormal
returns of the covered stocks, distinguishing between stocks with recommendations from business-related analysts and those with recommendations from independent analysts. For favorable (strong buy or buy) recommendations, an investment strategy based on business-related recommendations generates a positive average abnormal return of 1.48%, compared
to 3.33% associated with independent recommendations. The difference
between the two is statistically significant. In contrast, holding a covered
stock with a negative (hold or worse) recommendation from a businessrelated analyst yields a long-run negative abnormal return of −1.98%, while
holding a covered stock with a similar report from an independent analyst
yields only a mild and insignificant negative abnormal return (−0.10%)
over the same period. Again, the evidence shows that business-related analysts’ pessimism has a more negative effect on stock price than similar opinions from independent analysts. Therefore, for fear of hurting their clients’
performance, business-related analysts may be particularly reluctant to issue negative reports on stocks held by mutual fund clients.

3.4

FURTHER EMPIRICAL TESTS

3.4.1. Analysts’ Reactions to Bad News. As quoted from Laura Unger of
the SEC at the beginning of the paper, “[a]n analyst may be inhibited from
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issuing a rating downgrade that would adversely affect the performance
of an institutional client’s portfolio for fear that the client would take its
brokerage business elsewhere.” In this section, we specifically test this hypothesis by examining analyst behavior after bad news from the covered
companies. We expect that pressure from the mutual fund clients of the analysts’ brokerage firms will make the analysts reluctant to downgrade their
ratings on the stocks held by these mutual fund clients after bad news in
order to support the clients’ investment performance. In a similar vein,
previous studies document that, subsequent to new equity offerings, analysts are reluctant to downgrade investment ratings on investment banking
clients’ stocks following bad news (O’Brien, McNichols, and Lin [2005]).
To investigate this issue, we identify a sample of bad news event days for
the covered stocks in our data set. In the spirit of the literature (e.g., Shroff,
Venkataraman, and Zhang [2011]), we identify bad news events using large
stock price drops, but are agnostic about what the news might be. We define
a bad news event day for a covered company as a trading day on which
the split-adjusted stock price drops by the maximum allowed limit (10%)
imposed by the Chinese stock market. Alternatively, we define the bad news
event day as the first day of a three-day period when the cumulative stock
return losses over the three-day period exceed (in absolute value) three
(or alternatively, four) times the company’s prior-year standard deviation of
three-day returns.17 As Ljungqvist et al. [2007] point out, these unusually
large price falls are likely, at least in part, caused by bad news.
We then examine the reaction of the analysts who cover these stocks subsequent to the bad news. We restrict the sample to analysts who have issued
reports on the same stock within the 12 months prior to the bad news event
day to focus on active analysts and analyst revisions that are likely to be related to the event. We define an indicator variable, Negative Reaction, which
equals one if the analyst downgrades his or her ratings or holds the same
negative rating within three months after the occurrence of the bad news
and zero otherwise.18
In table 7, we explore whether the business relation between mutual
funds and analysts’ brokerage firms influences analysts’ reactions to bad
news. Our sample size ranges from 2,084 to 7,346 observations, depending on the definition of the bad news event. The bad news events are defined based on one-day returns in column 1 and three-day cumulative returns in column 2 (three times standard deviation) and column 3 (four
times standard deviation). We use a probit model with Negative Reaction

17 Our results are also robust to using a two-day period to identify the bad news event. We
require that there are at least 31 days between two consecutive bad news events for the same
firm in order to identify events that are more likely to be independent. This restriction does
not affect the results.
18 Negative ratings include underperformance and sell. Alternatively, we use a six-month
window instead of a three-month window in the definition of the Negative Reaction dummy and
find robust results.
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TABLE 7
Analysts’ Reactions to Bad News
Dependent Variable: Negative Reaction

Independent Variables
Client pressure
Investment banking
relation
Political tie
Other mutual fund
holdings
Firm size
Profitability
Q
State ownership
Overseas listed
No. of analysts covering
stock
Foreign broker
Broker experience
Trading revenue
Mutual ownership
relation
All-star analyst
Analyst seniority
No. of stocks covered by
analyst
No. of observations
R-squared

One-Day Return
(1)
−0.207∗
[0.057]
−0.153
[0.584]
0.016
[0.900]
−0.282
[0.294]
−0.060
[0.201]
−2.571∗
[0.089]
−0.076
[0.300]
0.238
[0.133]
−0.473∗∗
[0.021]
0.008
[0.581]
0.335∗∗
[0.046]
−0.002
[0.682]
0.097
[0.297]
−0.222
[0.651]
−0.119
[0.392]
−0.009
[0.328]
−0.012∗
[0.084]
2,084
0.04

Three-Day Cumulative Return
(2)
(3)
−0.265∗∗∗
−0.341∗∗∗
[0.000]
[0.000]
−0.078
−0.295∗
[0.073]
[0.696]
−0.143
−0.160∗∗
[0.038]
[0.194]
−0.256
−0.346
[0.104]
[0.155]
−0.042
−0.079∗∗
[0.011]
[0.246]
−2.818∗∗∗
−3.852∗∗∗
[0.009]
[0.008]
−0.033
0.026
[0.311]
[0.592]
0.149
0.171
[0.196]
[0.264]
−0.040
−0.139
[0.627]
[0.245]
−0.011
−0.006
[0.127]
[0.586]
0.149
0.258∗∗
[0.106]
[0.030]
0.001
0.001
[0.570]
[0.785]
0.173∗∗
0.117∗∗
[0.039]
[0.016]
−0.341
−0.281
[0.143]
[0.309]
−0.095
0.003
[0.253]
[0.982]
−0.008
−0.010∗
[0.058]
[0.266]
−0.019∗∗∗
−0.015∗∗∗
[0.000]
[0.009]
7,346
3,775
0.07
0.07

This table presents the probit regression results on the effect of client pressure on the likelihood of
negative reactions from analysts subsequent to company bad news events. The dependent variable is a
dummy variable, Negative Reaction, which equals one if the analyst downgrades his or her ratings or holds
the same negative rating within three months after the occurrence of the bad news and zero otherwise.
In column 1, a bad news event day for a covered company is defined as a trading day on which the splitadjusted stock price drops by the maximum allowed limit (10%) imposed by the Chinese stock market.
Alternatively, we define the bad news event day as the first day of a three-day period when the cumulative
stock return losses over the three-day period exceed (in absolute values) three times (column 2) or four
times (column 3) the company’s prior-year standard deviation of three-day returns. Definitions of all the
other variables are reported in table 1. All the independent variables are one quarter lagged. Year fixed
effects are included. P -values based on robust standard errors clustered by covered stock are reported in
brackets. Significance at the 10%, 5%, and 1% level is indicated by ∗ , ∗∗ , and ∗∗∗ , respectively.
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as the dependent variable. The independent variables are the same as in
equation (1).
We see from table 7 that, across all definitions for the bad news event
day, the coefficients on Client Pressure are negative and significant, which
indicate that analysts are less likely to react negatively for the stocks held
by the mutual fund clients even when faced with negative news. The odds
ratios calculated from similar logit regressions (unreported) indicate that
the odds for an independent analyst to react negatively to firm-specific bad
news are about twice as large as the odds for a business-related analyst who
is subject to such pressure.
Overall, these results are consistent with our hypothesis of client pressure driving analyst optimism and help to distinguish against an alternative
story in which analysts’ favorable ratings induce funds to buy into the recommended stock, because, under the alternative hypothesis, we should not
expect to see that the business-related analysts behave differently in their
recommendations from independent analysts following adverse information from the covered firm. These results suggest that analysts are pressured by their brokerage firms’ mutual fund clients and are reluctant to
issue negative recommendations to hurt the performance of these clients’
portfolios even when the prospects of the stocks held by the mutual fund
clients deteriorate.
3.4.2. Mutual Fund Clients’ Reactions to Analyst Recommendations. In this
section, we examine mutual funds’ portfolio changes following analyst reports. For each stock-mutual fund observation in our sample, we first calculate the quarterly change in the stock’s weight in the mutual fund’s portfolio. We use two alternative definitions of the portfolio weight change of
stock j in mutual fund m’s portfolio. The first is a simple and straightforward measure (Weight Change), computed as the difference in the market
value of j held by m as a percentage of m’s net asset value between quarter t and quarter t−1. The second measure (Active Weight Change) follows
the definition in Mola and Guidolin [2009] and aims to capture the active
weight change decisions made by the mutual fund manager.19 Intuitively, it
is defined as the difference between the adjusted weight of stock j in mutual fund m’s portfolio at the end of quarter t (as if the stock price of j has
not changed since the end of quarter t−1) and the weight of stock j in m’s
portfolio at the end of quarter t−1.
We then define two dummy variables. For stock j held by mutual fund
m, the Optimistic Recommendation dummy is equal to one if j has received an
19 Specifically, the active weight change of stock j is calculated as follows, where P and S are
the stock price and the number of shares held at the end of the quarter, respectively, and i
indexes for all the stocks in the portfolio:
j
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TABLE 8
Mutual Fund Clients’ Reactions to Analyst Recommendations
Dependent Variable
Weight Change

Independent Variables
Optimistic
recommendationt
Optimistic
recommendation from
business-related
analystst
Optimistic
recommendationt −1
Optimistic
recommendation from
business-related
analystst −1
Change in covered
firm sizet −1
Change in covered firm
profitabilityt −1
Change in Qt −1
Change in weight in
all other funds’
portfoliost
Observations
R-squared

(1)
0.663∗∗∗
[0.000]
−0.221∗∗∗
[0.000]

Active Weight Change
(2)

(3)
0.544∗∗∗
[0.000]
−0.121∗∗∗
[0.000]

0.721∗∗∗
[0.000]
−0.522∗∗∗
[0.000]

(4)

0.586∗∗∗
[0.000]
−0.333∗∗∗
[0.000]

−0.050∗∗∗
[0.004]
1.329∗∗∗
[0.000]
−0.015∗∗∗
[0.000]
0.090∗∗∗
[0.000]

−0.061∗∗∗
[0.001]
1.279∗∗∗
[0.000]
−0.015∗∗∗
[0.000]
0.089∗∗∗
[0.000]

0.008
[0.644]
0.412∗∗
[0.013]
−0.002
[0.117]
0.037∗∗∗
[0.000]

−0.002
[0.889]
0.406∗∗
[0.014]
−0.002
[0.142]
0.036∗∗∗
[0.000]

230,435
0.059

230,435
0.059

230,435
0.067

230,435
0.065

This table reports the OLS regression results on mutual funds’ portfolio changes following analyst reports. For each stock-mutual fund observation in our sample, we calculate the quarterly change in the
stock’s weight in the mutual fund’s portfolio. We use two alternative definitions of the portfolio weight
change of stock j in mutual fund m’s portfolio. The dependent variable in columns 1 and 2, Weight Change,
is calculated as the difference in the market value of j held by m as a percentage of m’s net asset value
between quarter t and quarter t−1. The dependent variable in columns 3 and 4, Active Weight Change, is
defined as the difference between the adjusted weight of stock j in mutual fund m’s portfolio at the end of
quarter t (as if the stock price of j has not changed since the end of quarter t−1) and the weight of stock j
in m’s portfolio at the end of quarter t−1. For stock j held by mutual fund m, the Optimistic Recommendation
dummy is equal to one if j has received an optimistic report (relative to market consensus) from any analyst
in a given quarter and zero otherwise; the Optimistic Recommendation from Business-Related Analysts dummy
equals one if an optimistic report on j is issued by an analyst at a brokerage firm of which m is a mutual
fund client. Other controls include the changes in covered firm size, profitability, and Q at the end of the
last quarter and the change in the stock’s weight in all the other mutual funds’ portfolios. Year fixed effects
are included. P -values based on robust standard errors clustered by covered stock are reported in brackets.
Significance at the 5% and 1% level is indicated by ∗∗ and ∗∗∗ , respectively.

optimistic report (relative to market consensus) from any analyst in a given
quarter and zero otherwise; the Optimistic Recommendation from BusinessRelated Analysts dummy equals one if an optimistic report on j is issued by
an analyst at a brokerage firm of which m is a mutual fund client. We estimate OLS regressions using the weight change of a stock in a mutual fund’s
portfolio as the dependent variable, and include the two optimistic report
dummies and other controls as independent variables. Table 8 presents the
regression results.
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The dependent variable is Weight Change in columns 1 and 2 of table 8
and Active Weight Change in columns 3 and 4. In columns 1 and 3, we examine analyst reports issued in the same quarter as the quarter we measure the
portfolio weight change, and, in columns 2 and 4, we examine one quarter
lagged reports. We control for covered firm fundamentals at the end of the
last quarter and the change in the stock’s weight in all the other mutual
funds’ portfolios and cluster the standard errors by fund.
As can be seen from table 8, the coefficients on the Optimistic Recommendation dummy, whether lagged or current, are positive and significant across
specifications, indicating that optimistic reports on a stock from independent analysts are associated with an increase in the weight of that stock in
the mutual fund’s portfolio. The coefficients on the Optimistic Recommendation from Business-Related Analysts dummy (lagged or current) are always negative and significant, with magnitudes smaller than those of the coefficients
on the Optimistic Recommendation dummy, indicating that, while mutual
funds increase their proportional holdings in stocks following favorable
stock recommendations from either independent analysts or businessrelated analysts, the increase is less if the recommendation comes from an
analyst at a business-related brokerage. Using the estimates in column 1
for illustration, an optimistic recommendation from a business-related analyst will result in a mutual fund client increasing its weight on the stock
on average by 0.442% (0.663 – 0.221 = 0.442), whereas the corresponding increase in portfolio weight after a favorable recommendation from an
independent analyst is 0.663%. This difference in reaction indicates that
mutual funds in general value unbiased, high-quality research. It is also
consistent with the hypothesis that mutual fund clients pressure the analysts at business-related brokerage firms to make optimistically biased recommendations on the stocks held by the clients: fully or partially aware of
this bias, the mutual fund clients respond less in their portfolio decisions
to optimistic recommendations issued by these business-related analysts. In
other words, mutual fund clients’ muted response is because they know that
business-related analysts’ optimism is partially driven by client pressure and
thus should be given less weight.
Overall, these results provide further support for our hypothesis that it
is client pressure that drives analyst optimism instead of the alternative hypothesis that optimistic investment recommendations issued by businessrelated analysts drive stock purchases by the mutual funds.

4. Conclusion
In this study, we use a unique data set that discloses brokerage firms’ commission income derived from each mutual fund client as well as the share
holdings of these mutual funds to distinguish between two competing hypotheses regarding the link between institutional investors and the behavior of sell-side analysts. These two hypotheses relate to analysts’ succumbing
to pressure to give optimistically biased recommendations on stocks held
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by their institutional clients and analysts’ incentives to give unbiased recommendations due to career concerns.
We find that an analyst’s recommendation on a stock relative to consensus is significantly higher if the stock is held by the mutual fund clients
of the analyst’s brokerage firm. Such relative optimism strengthens as
the stock’s weight in the mutual fund clients’ portfolios increases and as
the trading commissions paid by those mutual fund clients to the brokerage firm increase. In addition, we find that analysts are more likely to
promote the stocks that are less visible to other institutional investors as
a strategy to support the interests of the mutual fund clients while avoiding substantial risks of reputation loss. As a consequence, the analyst optimism effect is less pronounced for stocks highly visible to other mutual
fund investors. Moreover, analysts are significantly less likely to issue negative ratings on stocks held by client mutual funds subsequent to bad news
events, and client mutual funds respond less in their portfolio decisions to
optimistic recommendations issued by these business-related analysts. The
abnormal returns are significantly greater both in the announcement period and in the long run for favorable stock recommendations from analysts
not subject to client pressures than for equally favorable recommendations
from business-related analysts. Overall, our results show that analysts are
subject to pressures from institutional investors who are clients of the analysts’ brokerage firms and issue optimistically biased ratings on the stocks
in the clients’ portfolios.
The independence and objectivity of analysts have been called into question since a number of financial scandals and frauds were unearthed at the
turn of the century. The results from this study indicate that client pressure
resulting from business relations between the brokerage firms and the institutional investors can be an important source of conflict of interest that
might impede an analyst’s ability to function as an objective financial intermediary.
REFERENCES
AGRAWAL, A., AND M. A. CHEN. “Do Analyst Conflicts Matter? Evidence from Stock Recommendations.” Journal of Law and Economics 51 (2008): 503–37.
BARBER, B.; R. LEHAVY; AND B. TRUEMAN. “Comparing the Stock Recommendation Performance of Investment Banks and Independent Research Firms.” Journal of Financial Economics
85 (2007): 490–517.
BONI, L., AND K. L. WOMACK. “Solving the Sell-Side Research Problem: Insights from Buy-Side
Professionals.” Working paper, Dartmouth College, 2003.
BROWN, S. J., AND J. B. WARNER. “Using Daily Stock Returns: The Case of Event Studies.” Journal
of Financial Economics 14 (1985): 3–31.
CHEN, S., AND D. A. MATSUMOTO. “Favorable Versus Unfavorable Recommendations: The Impact on Analyst Access to Management-Provided Information.” Journal of Accounting Research
44 (2006): 657–89.
COWEN, A.; B. GROYSBERG; AND P. HEALY. “Which Types of Analyst Firms Are More Optimistic?”
Journal of Accounting and Economics 41 (2006): 119–46.
CULLEN, A. The Bias of Wall Street Analysts. Harvard Business School Working Knowledge,
Harvard Business School (Boston, MA) 2004.

THE CLIENT IS KING

199

DANIEL, K.; M. GRINBLATT; S. TITMAN; AND R. WERMERS. “Measuring Mutual Fund Performance with Characteristic-Based Benchmarks.” Journal of Finance 52 (1997): 1035–58.
DAS, S.; C. B. LEVINE; AND S. SIVARAMAKRISHNAN. “Earnings Predictability and Bias in Analysts’
Earnings Forecasts.” Accounting Review 73 (1998): 277–94.
FINANCIAL INDUSTRY REGULATORY AUTHORITY (FINRA). FINRA Guide to Understanding Securities
Analyst Recommendations. Washington, DC: FINRA, 2009.
FIRTH, M.; C. LIN; AND H. ZOU. “Friend or Foe? The Role of State and Mutual Fund Ownership
in the Split Share Structure Reform in China.” Journal of Financial and Quantitative Analysis
45 (2010): 685–706.
FRANKEL, R.; S. P. KOTHARI; AND J. WEBER. “Determinants of the Informativeness of Analyst
Research.” Journal of Accounting and Economics 41 (2006): 29–54.
HANSARD, S. “Analyst Conflicts Cut Both Ways: Buy-Side Pressure Tactics Spur New AIMR
Guidelines.” InvestmentNews: August 19, 2002.
HARTZELL, J. C., AND L. T. STARKS. “Institutional Investors and Executive Compensation.” Journal of Finance 58 (2003): 2351–74.
HONG, H., AND J. D. KUBIK. “Analyzing the Analysts: Career Concerns and Biased Earnings
Forecasts.” Journal of Finance 58 (2003): 313–51.
HONG, H.; J. D. KUBIK; AND A. SOLOMON. “Security Analysts’ Career Concerns and the Herding
of Earnings Forecasts.” Rand Journal of Economics 31 (2000): 121–44.
HOPE, O.-K. “Disclosure Practices, Enforcement of Accounting Standards and Analysts’ Forecast: An International Study.” Journal of Accounting Research 41 (2003): 235–72.
IRVINE, P. J. “Do Analysts Generate Trade for Their Firms? Evidence from the Toronto Stock
Exchange.” Journal of Accounting and Economics 30 (2001): 209–26.
IRVINE, P. J. “Analysts’ Forecasts and Brokerage Firm Trading.” Accounting Review 79 (2004):
125–49.
JACKSON, A. “Trade Generation, Reputation and Sell-Side Analysts.” Journal of Finance 60
(2005): 673–717.
JEGADEESH, N. “Evidence of Predictable Behavior in Security Prices.” Journal of Finance 45
(1990), 881–98.
KOLASINSKI, A., AND S. P. KOTHARI. “Investment Banking and Analyst Objectivity: Evidence
from Analysts Affiliated with Mergers and Acquisitions Advisors.” Journal of Financial and
Quantitative Analysis 43 (2008): 817–42.
KOTHARI, S. P. “Capital Markets Research in Accounting.” Journal of Accounting and Economics
31 (2001), 105–231.
LI, J. “Whose Order to Follow: Mutual Funds’ Pressure on Stock Analysts.” 21st Century Business
Herald: November 27, 2008.
LI, Q. “Uncover the Benefit Chain Behind the All-Star Analyst Voting.” Yangtze Evening Post:
November 25, 2008.
LIN, H.-W., AND M. F. MCNICHOLS. “Underwriting Relationships, Analysts’ Earnings Forecasts and Investment Recommendations.” Journal of Accounting and Economics 25 (1998):
101–27.
LIU, H., AND X. ZHANG. “Fading Vows: An Investigation of the Unspoken Rules in the Sell-Side
Analyst Industry.” 21st Century Business Herald: November 28, 2008.
LJUNGQVIST, A.; F. MARSTON; L. T. STARKS; K. D. WEI; AND H. YAN. “Conflicts of Interest in
Sell-Side Research and the Moderating Role of Institutional Investors.” Journal of Financial
Economics 85 (2007): 420–56.
LJUNGQVIST, A.; F. MARSTON; AND W. J. WILHELM. “Competing for Securities Underwriting
Mandates: Banking Relationships and Analyst Recommendations.” Journal of Finance 81
(2006): 301–40.
MALLOY, C. “The Geography of Equity Analysis.” Journal of Finance 80 (2005): 719–55.
MCNICHOLS, M., AND P. O’BRIEN. “Self-Selection and Analyst Coverage.” Journal of Accounting
Research 35 (1997): 167–99.
MEHRAN, H., AND R. M. STULZ. “The Economics of Conflicts of Interest in Financial Institutions.” Journal of Financial Economics 85 (2007): 267–96.

200

M. FIRTH, C. LIN, P. LIU, AND Y. XUAN

MOLA, S., AND M. GUIDOLIN. “Affiliated Mutual Funds and Analyst Optimism.” Journal of Financial Economics 93 (2009): 108–37.
NATIONAL ASSOCIATION OF SECURITIES DEALERS (NASD), and the New York Stock Exchange
(NYSE). Joint Report by NASD and the NYSE on the Operation and Effectiveness of the Research
Analyst Conflict of Interest Rules. Washington, DC: FINRA, 2005.
O’BRIEN, P., AND R. BHUSHAN. “Analysts’ Following and Institutional Ownership.” Journal of
Accounting Research 28 (1990): 55–76.
O’BRIEN, P.; M. MCNICHOLS; AND H.-W. LIN. “Analyst Impartiality and Investment Banking
Relationships.” Journal of Accounting Research 43 (2005): 623–50.
PARRINO, R.; R. W. SIAS; AND L. T. STARKS. “Voting with Their Feet: Institutional Ownership
Changes Around Forced CEO Turnover.” Journal of Financial Economics 68 (2003): 3–46.
SHROFF, P. K.; R. VENKATARAMAN; AND S. ZHANG. “The Conservatism Principle and the Asymmetric Timeliness of Earnings: An Event-Based Approach.” Contemporary Accounting Research
(2011): Forthcoming.
UNGER, L. S. “Written Testimony Concerning Conflicts of Interest Faced by Brokerage Firms
and Their Research Analysts Before the Subcommittee on Capital Markets, Insurance,
and Government Sponsored Enterprises.” Committee on Financial Services, United States
House of Representatives (July 31, 2001), 2001.
WANG, D. “The Unspoken Rule for Stock Analyst Ranking: Protecting Stocks Held by Mutual
Fund Clients.” Beijing Business Daily: July 15, 2009.
WANG, Q., AND L. XIE. “Who Decides Mutual Fund Commission Allocation: The Evaluation
System of the Sell Side.” First Financial Daily: January 17, 2011.

